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ABSTRACT

Measuring Customer Discrimination:
Evidence from the Professional Cricket
League in India

Research in the field of customer discrimination has received relatively little attention even
if the theory of discrimination suggests that customer discrimination may exist in the
long run whereas employer and employee discrimination may not. This paper examines
customer discrimination considering a unique dataset from the most popular sports
industry in India, i.e., cricket. Relying on Playing Xl vote in the Indian Premier League (IPL),
we analyze whether supporters have a different personal preference towards players based
on their location of origin and religion. In contrast to the often-heated rhetoric surrounding
discrimination, the often-unfounded assertions surrounding diversity, and the previous
literature, we overall do not find any discrimination in voting. Our overall findings suggest
that supporters treat players equally irrespective of nationality, place of origin or religious
background while selecting their favorite players. However, our results also suggest that
examining discrimination by controlling for proxy productivity characteristics may produce
bias results as certain included or excluded characteristics may be systematically different.
Our findings further suggest that political conflict may lead to customer discrimination.
And finally, in line with Heckman’s (1998) argument, our results suggest that customer
discrimination may exist on the margin.
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|. Introduction

Measuring discrimination in the labor market isfidilt mainly due to data
limitations. First, it is hard to control for albservable and unobservable characteristics to
measure the difference based on race, ethnicitgiae or color. In general, it would be very
difficult to find example of such organization wkeall the data are publicly available.
Second, identifying the real source of discrimioatcan be challenging as discrimination can
arise from the employer, co-worker or the custosige (Becker 1971). To evaluate the real
source, it is important to isolate one source hyting other forms of discrimination. Third,
evaluating discrimination in the labor market stgférom social desirability bias (Bertrand
and Duflo 2017). In general, social desirabilitadis the tendency for people to present a
favorable image of themselves on the questionnesggecially while answering sensitive
qguestions. Therefore, it is difficult to evaluatsadimination through general questionnaire

surveys correctly.

Most empirical literature on discrimination in thebor market has focused on
employer discrimination. It appears that identifyioustomer discrimination in the labor
market has received relatively little attention (B&ad Zussman 2017) even if the theory of
discrimination suggests that customer discrimimatinay exist in the long run whereas
employer and employee discrimination may not. Famrtiore, to our surprise, little attention
is given to analyzing customer discrimination inveleping countries considering the fact
that developing countries could be prone to racesmd discrimination due to imperfect
markets, cultural legacies, poor institutions, aud on! This paper addresses customer

discrimination in developing countries in genenad andia in particular.

1 As an example, consider regional gender gap iasexmeasure of discrimination. On average, We&erope and North
America have a remaining gender gap of 25% and ®B#&eas Sub-Saharan Africa, South Asia and the Ieligdst and
North Africa have a remaining gender gap of 32.83386, and 40% respectively.



There are several appealing features to study mastdiscrimination in India. First,
India is known for its caste system as well asuealt linguistic and religious diversity across
the country. Second, both anecdotal and empiricadeace suggests that discrimination
within Indian and against foreigners is also premai{Banerjee and Knight 1985; Modi and
D’silva 2016; Rao 2013). For example, discriminatiagainst people from North Eastern
states of India, Bihar, and African nationals freqtly reported in the newspaper media and
television? Thorat et al. (2015) and Datta and Pathania (204&jitionally found
discrimination against Muslim applicants in the siog market. Third, after the 2014 Prime
minister election in India, television, and medlaimed that India is becoming more and
more nationalistic especially Hindu nationafigthey argue that there has been a steady rise
in the number of religious-communal incidents irditn* Fourth, previous studies have
pointed out the existence of employer discriminaiio India (Banerjee et al. 2009; Siddique
2011). Considering these situations and motivate@drlier findings, we examine whether

customer discrimination exists in India or not lwhea the location of origin and religion.

To address the first obstacle to measuring disoation, we consider dataset from
sports labor market. There are several merits nidering sports labor market to evaluate
customer discrimination. First, detailed statistiogeasuring individual characteristics,
experience, and performance are publicly availakddan (2000) considered sports as a labor
market laboratory stating that there is no reseastting other than sports where we know
the name, face and life history of every productiaorker and supervisor in the industry.
Second, the sports statistics are much more detaild accurate than conventional microdata

samples such as Census data or the Current Pagousairvey. Finally, sports labor market is

http://reports.weforum.org/global-gender-gap-rej2f¥t 6/rankings/

2 http://www.aljazeera.com/indepth/features/2014/6@es-from-india-northeast-201421811314600858. html
https://www.huffingtonpost.com/the-conversationiadthow-india-can-stem-the-ri_b_11715858.html

3 http://www.newsweek.com/modis-india-caste-inegyadind-rise-hindu-nationalism-356734

4 https://timesofindia.indiatimes.com/india/Commuwiglence-up-17-in-2015/articleshow/51131055.cms
http://www.huffingtonpost.com/aparna-pande/secindia-v-hindu-nat_b_6397778.html




competitive where a players’ selection to a teanwalt as to a specific match are mostly

decided by their previous experience and performanc

In this paper, we consider cricket, the most papsiterts in Indig.Cricket fan base
in India is huge. For example, according to ‘Thelamist,” 400 million people watch the
game on television when the national side playgayame® Cricket is popularly considered
as a religion in India as wéllAs we are considering the discrimination from tistomers’

side, our setting is more likely to cover a majodt the population in India.

To address the second and third obstacles, we focwan externally generated direct
measure of customers’ personal preference as sahatperiment. We consider “Playing Xl
vote” in the Indian Premier League (IPL) as our suea of “customers’ personal
preference® IPL is a cricket league played in India since 0Blaying Xl is a voting
platform introduced by the IPL organizing commitfeethe first time in 2015 where people

participate and vote for their favorite 11 playfemsn a team every time it plays a match.

The IPL was chosen for three reasons. First, furecboth Indian and foreign players
to play together. Second, these foreign playergseamaiited from all over the world, thus are
different from Indian players based on race, celtand ethnicity. Third, IPL is the most
popular sports league played in India. In addition stadium viewers, it is also live
broadcasted on television and various online platfothereby widely watched in India. For
example, 185.7 million viewers watched the firsethmatches in the 2017 IPL sea8ds
all most all the supporters are Indian, and arcumetthird of total players played in the 2015

IPL season are foreign players, we first examimedifference in supporters’ voting between

5 We discuss cricket in detail in section I

6 https://www.economist.com/blogs/economist-expldifs4/02/economist-explains-1

7 https://iwww.theguardian.com/cities/2014/nov/2 7indricket-football-sport-isl-mumbai-kolkata

8 We use the term ‘voter,’” ‘supporter’ and ‘custohieterchangeably.

9 http://www.livemint.com/Sports/zl4J49jm41HS6WFhIGP/IPL-2017-sees-40-jump-in-viewership-over-lasaghtml



Indian and foreign players. Then, we also exantieedifference in supporters’ preference in

voting within the specific group of players basedtioeir place of origin and religion.

The setting is unique in various ways. First, vgtparticipants individually select
their players through the Internet with full anontymso there is no social desirability bias.
They have the absolute power to discriminate ifythaesh to, as there is no internal or
external pressure involved. Additionally, therenis monetary cost or reward involved in
voting that might influence voters’ preferencesei@iore, voting can be viewed as a direct

revelation of voters’ preference.

Second, the characteristics of voting participamtsur setting are different from the
composition of a team. If the characteristics amalar on average, there is a possibility that
it may contaminate the findings, as there is a clathat customer may segregate. For
example, consider a complete segregated labor markere black and white employers
employ only black and white workers respectivelyrthermore, black and white people
prefer services from their ethnic group. If thepmdion of black/white firm were equal to its
proportion of its population, conditional on oth&ings being similar, we would not find
discrimination (consider the difference in salesliffierence in customer visit as an outcome)
where there exists complete segregation. In otingetalmost all the supporters are Indian,
but around one-third of the players are foreigné&s.Indians are quite different from the
foreigners playing in the IPL based on race, caltand geographical proximity, we can

correctly identify customers’ preference toward®ign players.

Third, we have direct and accurate information ale@ech and every player including
the direct performance record of each match, whiddifficult to evaluate in general survey

design or census data. As Heckman (1998) argues:



“Estimating the extent and degree of discriminatiamether at the individual or the
market level, is a difficult matter. In the laborarket, for example, a worker's
productivity is rarely observed directly, so theabyst must instead use available data
as a proxy in controlling for the relevant prodwity characteristics. The major
controversies arise over whether relevant omittearacteristics differ between races,
and between genders, and whether certain includetacteristics systematically
capture productivity differences or instead are raxy for race or gendet (Page

103)

Our setting allows us to directly observe produttiwf players including their immediate
previous performances. Furthermore, individual @entince in cricket is directly identifiable
in comparison with other group level sports likes® or hockey. For example, in cricket,
run scored by a batsman or wicket taken by a bowlenostly valued as their individual
effort. However, a goal scored by a player in soasehardly attributed only to his/her

individual effort.

We analyze match-by-match Playing Xl voting reswtseach player in 2015 IPL
season to examine voters’ personal preferencesd baseplayers location of origin and
religion. We summarize the main findings below.sEirwe estimate the model without
controlling for players’ direct productivity chatacistics while examining customer
discrimination between Indian and foreign playéige find that voters positively prefer
Indian to foreign players. Our findings suggestt thastomer discrimination exists against
foreign players. However, when we control for playelirect productivity in our model, we
find no evidence of discrimination in voting betwedndian and foreign players.
Furthermore, we overall do not find any discrimiaatwithin Indian and foreign players

based on the location of origin and religion. Seloour finding suggests that political



conflict may lead to customer discrimination. Wadfithat Sri Lankan players are 10-12
percent less likely to be preferred due to the jpadtical conflict between India and Sri
Lanka. Third, in line with Heckman’s (1998) arguhesur results also suggest that customer
discrimination may exist on the margin. We find ttlsapporters prefer Indian marginal
players to foreign marginal players even if the eotpd performance of foreign marginal

players is high.

This study makes a number of contributions. Foreémoghe best of our knowledge,
our paper is the first to address the questionustamer discrimination considering dataset
from a developing country. Previous empirical sdgdon customer discrimination are based
in developed countries in general (Combes et dl62Bar and Zussman 2017) and US labor
market in particular (Kahn and Sherer 1988, Holaed Ihlanfeldt 1998; Leonard et al.
2010). Our findings can provide valuable insight tabor market discrimination in
developing countries. We also contribute to theitéoh literature on considering a direct
approach to identify customer discrimination (Nasadii and Simon 1990; Depken and Ford
2006; Bar and Zussman 2017). The externally geperd@taset that we use can be argued as
a natural experiment. Additionally, our setting mamimum social desirability bias, which
could be a severe problem while measuring discation. The problem of social desirability
bias has been widely discussed in social psycholitgyature, and methods like list
randomization have been developed to minimiZ€ ktowever, there has been very limited
literature in economics that controls for sociasidability bias (Bertrand and Duflo 2017).
And finally, we contribute to the literature thakets to examine the overall discrimination in

the labor market as well as discrimination on tlagm.

The rest of the paper is organized as follows.ti®ecll presents a preliminary

introduction to cricket, the IPL and Playing Xl gotSection Il provides the possible source

10 For literature reviews séourangeau & Yan (2007)



of customer discrimination in the IPL. Section IMepents our empirical model of
discrimination and description of our datasets.tiSecv analyzes the main results. Section
VI describes the discrimination on the margin. ®ectVIl reports the robustness of our

findings, and finally, section VIl concludes.

[I. Introduction to Cricket, IPL and Playing X1 Vote

Cricket is a bat and ball game started in Englardispread all over the world during
the British Empire. In general, cricket is playadtihree formats. Test Cricket is the longest
format, which can be played over five days. One DBagket (ODI cricket) format lasts for
8-9 hours where each team plays for a maximum af\&ds!! Twenty-twenty (T20) is the
shortest format of cricket introduced recently e 2000s. It is played for 3-4 hours, and

each team plays a maximum of 20 overs. The IPlaiggal in T20 cricket format.

Cricket is played between two teams constitutilegyen players each. There are three
aspects of cricket: batting, bowling, and fieldihg general, cricket is similar to baseball and
the desired skills needed are quite similar as.wellT20 cricket format, the desired skill
required for a batsman (similar to batters in balels to score as many runs as possible
with high strike raté? A bowler similar to a pitcher in baseball needstake as many
wickets (outs in baseball) as possible by givingnimum runs. All the fielding members

need to restrict the batsman in scoring runs.

Cricket is the most popular sports in India. Theremus success of inaugural T20
world cup in 2007 led to the evolution of first iofal professional cricket league in India i.e.

Indian Premier League (IPEY.Eight teams participate in the league at presemtasiing all

11 One over constitute six balls

12 Strike rate= (Total run scored / total ball faca@p

13 Indian Cricket League (ICL) was started earlie2@®7 but was not supported by the Board of CorfitroCricket in India
(BCCI) and International Cricket Council (ICC).



over Indial* All the teams are based in the major Indian citBsth Indian and foreign

players are recruited to play in the IPL.

The IPL organizing committee introduced a Playil voting method on their
website for the first time in the 2015 IPL seastm.Playing Xl voting, supporters can
participate and choose their favorite 11 playersafteam to play in the next match. Figure 1
shows the advertisement for one of the matchdsar2016 edition of Playing Xl vote posted
on the IPL website. To examine customer discrinmbmatin IPL considering voting
preference towards a player, we focus on the ptagerof the vote for each player obtained

out of the total votes for a team collected from dffficial website of the IPL (See figure ).

There is one restriction for voting participantsilichoosing their players from a
team: they can choose a maximum of four foreigrygrke among their 11 favorite team
members (See figure 3). However, supporters cansghas many as 11 Indian players. So
choosing Indian players is not binding. This ridealso applied to the real selection process
for a team to play a match. Each team also rectts players accordingly. They buy more
Indian players than foreign players in absolutenserHowever, their relative substitution rate

of players to play in a match is quite equal amimalian and foreign players.

Foreign players are displayed with explicit visoarks (airplane mark) on the voting
platform as can be seen in Figure 3. This may thlsome doubts about the real comparison
between Indian and foreign players. This is on¢heflimitations of our dataset. However,

one advantage of these explicit marks could be itretoids confusion for foreign players

14|PL started with eight teams, and in 2011 two nmesens were added. One of the added teams (Koelsiyavminated
after one season because of breach of the agreehmenvther added team (Pune) withdrew after tHe 2@ason over
financial differences with the board of ControlGrficket in India (BCCI).

15 There is a big difference in vote between elevemith twelfth ranked player as can be seen fromr&iguln one way, this
may suggest that team-specific playing elevenrgelg fixed. However, only 17.6 % of total play€8% out of 200 players)
have played all the matches, and 73.33% of toafgek (147 out of 200 players) have played at leastmatches in the
2015 IPL season. The variation within team leve8430% and 68-87% respectively. These results stgbat the team-
specific playing eleven is quite flexible.



with Indian sounding names especially players fregighboring countries like Sri Lanka,
Pakistan and Bangladesh. Voters may confuse fopgayers with Indian sounding names as
Indian players and vice versa. For example, Domilogeph and Sheldon Jackson are foreign
sounding names but are Indian players where asn@ariSandhu and Azhar Mahmood are
Indian sounding names but are foreign players. itmate the limitations that may arise due
to the restriction of foreign players and visualrknattached to them we will also compare

the differences in voting behavior within foreigiayers based on their country of origin.

[11. Possibility of Customer Discrimination in the | PL

Indian Premier League (IPL) is very popular initndnd currently broadcasted on
television in five different languages. Along witklevision broadcasting, it is also live
streamed on various online websites and mobileicatjuns® Almost all the fan base also
concentrates in India. A Viewertrack report pubdidiby Future Sports+Entertainment shows

that 96% of viewership concentrates in Intlia.

As almost all the IPL viewers are Indian, we assutmat nearly all the voting
participants are Indian. If voters have a persqmaference towards Indian players, they
might prefer Indian to foreign players. Additionallvoters’ personal preference may vary
within Indian players. Some players who were borthie same state or in the neighboring
state play for the IPL team of that state/regioe fefer them to ‘Home players’ from now
on) 8 As almost all the supporters are from India, wehker assume that majority of fans for
a team come from home or neighboring states. Therethere could be a possibility that
voters might prefer players with these characiessb other Indian players who play for the

same team. Additionally, the Muslim population le tlargest minority in India based on

16 The 2015 IPL season was live streamed in Hotstdusite and mobile application by Star India Privateited
Yhttp://iwww.dnaindia.com/sport/report-ipl-loses-ifmbal-viewership-1283851

18 We include neighboring state players in the hotatelayers if the neighboring state does not laaviPL team. If two
states having IPL teams are connected to a staeewhere is no IPL team, we add the players flwrstate with no IPL
team in both IPL home state players.

10



religion constituting roughly 14% of the populatid Previous literature found

discrimination against Muslim people in India (Tabet al. 2015 and Datta and Pathania
2016). Furthermore, the rise of Hindu-nationalisnghth also create discrimination against
Muslim players. Therefore, we further check whethgoporters discriminate against players

with Muslim sounding name?.

Another kind of discrimination may arise withirréagn players. Foreign players from
8 different countries participated in the 2015 ieditof the IPL?! They also differ by
ethnicity. For example, all New Zealand playersyplg in the IPL are ethnically white,
whereas almost all West Indies players are ethHgidabck. If voters have a personal
preference towards the players from a particulanty or ethnicity, they will vote for them
irrespective of their experience and performaneazetiby discriminating players from other

countries.
V. Empirical Model and Data Description

We analyze voters’ preferences towards playemutiir a simple econometric model.

Specifically, we estimate

k=3

Yiem = By + B2Di + Baliy + BaEjy + BsExiem + BoPciy + Z BrPitim—ry T YXitm + Vi + Uigm (D.
k=1

In the above modelyim represents the percentage of voting for player teamt
received for matchm as reported on the IPL websitB; is the indicators of players

characteristics based on the location of origin aslijion. lit includes a set of match-

19 http://www.censusindia.gov.in/2011census/ReligGA.html

20We do not have any information regarding playeziyion. However, as Muslim names are clearly tifiable, we
considered Muslim sounding names as our contralker to elicit customers’ preference. Furthermdris, very difficult
for us to divide Indian players based on lowereastd upper caste as the last name based on iféeste fdom region to
region. Additional bias may arise as people frohoeér India participate in the Playing Xl vote.@&rkfore, we limit our
analysis on religion to Muslim sounding names only.

21 They include Australia, South Africa, New ZealaWdest Indies, Sri Lanka, England, Bangladesh, agithéfland.

11



invariant individual characteristics of playieof teamt. Eir andEximinclude match-invariant
and match variant experiences of playerteamt at matchm. The termPc: includes the IPL
match-invariant career performances of playiarteamt up to 2014 seasonBigm-k) includes
the direct performance of playernn teamt up to last three matches to properly identify
voters’ behaviorXim includes other characteristics that voter may iclmnsvhile selecting a
player. Finally, vi anduim are the individual effect and the time-variant bemstic error terms,
respectivelyAll the variables included in the equation are dégd in details in Table Al in
the appendix. Our parameter of interespasif the parametep:is statistically significant,

then voters have a personal preference, or in @thets, customer discrimination exist.

Our dataset comprises of players who participatethe 2015 edition of the IPL.
Information and statistics of all the players haween referenced from the IPL official

website (www.iplt20.com) and www.espncricinfo.com.complete list of 200 players is

available for empirical analysis. We present themsary statistics in Table 1.

There is a wide variation between Indian and fargnjayers by their individual
characteristics, experience, and performance iriRhe For example, foreign players’ share
of ALL-ROUNDER is higher in comparison with Indigotayers whereas, the proportion of
BOWLER is higher in the case of Indian players.eigm players are more likely to have
international playing experience on an average amgarison with Indian players
(UNCAPPED). Furthermore, a higher number of foreiglayers have previous IPL

experience compared with Indian players (DEBUT).

There are variations within foreign players aslw&mong foreign players around
36% and 25% are from Australia and South Africgpeesively whereas only one player each

from Bangladesh and the Netherlands. Australia®outh Africa are the strongest teams in

12



cricket whereas Bangladesh, and the Netherlandw@a& in comparison with players from

other countries that represent in the IPL.

Relative performance of a player compared with iogh&ying members in a match is
a better measurement than absolute performanceexXaonple, one wicket against a strong
team has a higher value than one wicket againstakweam. Similarly, 50 runs in a very
crucial match have a higher value than 50 runsnotaso-competitive match. To control for
recent performances (M-1 to M-3) we, therefore, tle® proportion of runs scored and
wickets taken instead of using actual run scoretvaicket taken by a player in a particular

maitch.

V. Estimation Results

We begin to present our results considering vopensonal preferences between and
within Indian and foreign players. Furthermore, @@amine the customer discrimination on
the margin. And finally, we provide several robests tests of our findings, including voters’

preferences based on team, players’ individualadhtaristics, and experience.

A. Preference Between Indian and Foreign Players

We present the results on voters preference batwedian and foreign players in
Table 2. First, we estimate the coefficients withoantrolling for players’ direct productivity
characteristics. We present the results in modglvlith various specifications. Then we
estimate the coefficients including direct produtyi characteristics in model 6 and model 7.
In model 6, we estimate the coefficients by inahgdplayers’ direct performances in the

previous IPL seasons and the Mrhtch (immediate previous match). Furthermore, aaeh

13



7, we estimate by additionally controlling for péag’ performance in the M-2 and M-3

matche<? The standard errors are clustered at the plajersl.

The coefficient estimate of the INDIAN variable model 1 shows no statistically
significant effect on voters’ personal preferendsiéer including the team and match fixed
effects in model 2, the coefficient estimate remmaiimchanged. The results do not change
when we further include players’ individual chaedtics in model 3. However, the
INDIAN coefficient estimate becomes statisticallygrsficant in model 4 when we
additionally control for players’ relevant experien It remains statistically significant even
after including other variables that may affectypls’ voting results in model 5. The results
in model 4 and 5 suggest that voters have a pespifrsonal preference towards Indian
players and discriminate against foreign playeswever, when we additionally control for
players’ direct performances in model 6 and 7, stedistically significance of INDIAN
variable goes away. Overall our analysis shows tatisscally significant evidence of
customer discrimination against foreign playétsHowever, the findings would have

different results if we do not control for playedstect productivity.

The above results are due to the difference in ositipn of Indian and foreign
players based on their experience and performafissecan be seen from the summary
statistics, more than 60 percent Indian playerseha® international playing experience
(UNCAPPED) whereas in the case of foreign playeis anly seven percent. Furthermore, a
team selects more Indian UNCAPPED players in comsparwith foreign UNCAPPED
players to play a match due to the limited supglyndian players who have international

playing experience and maximum four foreign playestriction. As voters select players by

22 To check the robustness of our results, we estidnidite model by including players' individual penfiances in last four
matches and found similar results. Similarly, wénested by including different weights (1, 0.67 &h83 to M-1, M-2, and
M-3 matches respectively) and found similar resWife present the results with above restrictiortsbse of simplicity.

23 Additionally, we estimated using pooled OLS andrfd similar results. Individual performances (ranred and wicket
taken) in M-1, M-2, and M-3 matches are measurea @®portion of all players' performance in a rhaita team in our
main findings. We also estimated using actual perémce and found similar results.

14



observing both previous experience and performaitice, Indian coefficient becomes
significant when we only control for experience p@esally UNCAPPED variable). This
implies that Indian is proxy partially for playdseing UNCAPPED, which weakened voters’
preference towards Indian players when both prevexperience and performance were not
controlled as seen in model 3 in Table 2. Thimid¢ine with Heckman’s (1998) argument
suggesting that examining discrimination by coritnglfor proxy productivity characteristics
may produce bias results as certain included orludgd characteristics may be

systematically different based on race or gender.

The empirical results presented in Table-2 alsogesi that players’ previous
performances are positively correlated to voteetedion. Further evidence suggests that
players’ performance in the M-1 match (immediat laatch) is more important for voters
selection than M-2, M-3 matches, and their earieasons’ performance. Additionally,
MATCH PLAYED coefficient estimate suggests thatygles’ experience in the season has a
positive and statistically significant impact ontens' selection. These results are expected as

previous performances and experience reveal plagfitity.

The coefficient estimates of CAPTAIN and WICKET KEER are positive and
statistically significant among players’ individuaharacteristics. Each team needs at least
one captain and wicket-keeper to play a match. Avedrthis, voters are choosing a captain
and a wicket-keeper irrespective of their previemperience and performance. Finally, we
find a negative and statistically significant redaship between a player’s injury (INJURED)
and voting. We also find a negative relationshipMeen replaced players (REPLACED) and
their voting percentage. These results are alseat&d as an injured or withdrawn player is
less likely to play the next match, and a playeovgreplacing in the squad is more likely to

be less experienced.

15



B. Preference Within Indian and Foreign Players.

To test whether customer discrimination existdimiindian and foreign players, we
present the results in Table 3. Along with the &t of variables included in model 7 of
Table 2, we estimate by additionally controllingr fplayers’ locational and religious
characteristics in equation 1 to see any differeincgoters’ preferences. In model 1 we
include variables indicating if the player is a loplayer (HOME PLAYER) and if he has a
Muslim sounding name (MUSLIM). In model 2, we addintry dummy variables for foreign
players®* In model 3, we only consider Indian players’ datasto see any difference in
voting. Similarly, we only consider foreign playedatasets model 4 and control for their

nationalities and religion.

The coefficient estimates of the INDIAN variabla model 1 and 2 are not
statistically significant. This is similar to oumain findings in Table 2. Similarly, the
coefficient estimates of HOME PLAYER in model 1 adddo not show any statistically
significant effect on voters’ preferences towardsnk players. While considering Indian
players’ datasets only in model 3, the coefficieatimate is still statistically insignificant.
From these results, we do not find any persondeprace by voters within Indian players
based on the location of origin. Furthermore, amytrto our expectation, the coefficient
estimates of MUSLIM variable are not statisticatignificant. When we considered Indian
and foreign players separately in model 3 and gessvely, the results remain unchanged.
So, we do not find any discrimination against pfay@ith Muslim sounding names. The

results are similar for both Indian and foreignypls.

24 Only one player each from Bangladesh and the Mati:represented in the 2015 IPL season. Theref@exclude
Bangladesh and the Netherland variable while esitigaliscrimination within foreign players. Austiais considered as
the reference group among foreign players.
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Sri Lankan players are negatively preferred in cangon with players from other
foreign countries. The coefficient estimate of ISxnkan players is statistically significant at
5% level in model 2 and 1% level in model 4. Thessuilts suggest that voters discriminate
against Sri Lankan players. The main reason coelldsfollows. There was a serious conflict
between India and Sri Lanka because of allegectiig® on ethnic Tamils in Sri Lanka
under the previous Regirde@Because of the serious conflict, protests camigithroughout
India especially in the state of Tamil Nadu. Even, Lankan players were not allowed to
play in one of the IPL venues (Chennai the capitalamil Nadu state) in 2013 and 20%%’
This negative causal impact on voters’ selectidnSroLankan players might be due to the
political conflict between India and Sri Lanka. $hinterpretation is consistent with the
existing literature (Bar and Zussman (2017)) sutyggsthat political conflict leads to

customer discrimination.

V1. Discrimination on the Margin

In our sample dataset, supporters choose theirifavalayers consecutively around
two to three times a week for one and a half to mmemths. Furthermore, the IPL started in
2008, and we used the dataset from 2015 IPL semspiaying Xl vote started only in 2015.
Therefore, one could argue that players’ populadtyer time is driving our findings.
However, as Heckman (1998) argues, discriminatioghtnbe there on the margin. To
analyze the customer discrimination on the margia,compare a certain cohort of Indian
and foreign players in the IPL who are likely to lees popular or less experienced. They
include players who are playing in the IPL for fhst time (DEBUT) or players who do not

have any international experience (UNCAPPED) ohbot

25 http://www.espncricinfo.com/indian-premier-leag®@1 3/content/story/626858.html
26 hittp://www.thehindu.com/sport/cricket/ipl/ipl8-denkan-players-out-of-ipl-games-in-chennai/arf@&8357.ece
27 Chennai did not host any game in the 2014 IPL®seas
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On average, foreign players are better in compangth Indian players in the IPL as
the supply of good foreign players is much lardeant their demand. It can be clearly
observed from the performance record presentedummsmry statisticg® In particular,
foreign players with above characteristics are muoetter in comparison with similar Indian
players. For example, some foreign players whopdaging in the IPL for the first time
(DEBUT) have experience of playing internationaltchas. Foreign players are also allowed
to play in multiple leagues played in other cowedrisimilar to the IPL. In contrast, no
DEBUT Indian player has experience of playing ingional matches. Furthermore, Indian
players are not allowed to play in other leaguestduhe rule set by the Board of Control for
Cricket in India (BCCI). As these players are phayin the IPL for the first time (DEBUT
PLAYERS and DEBUT AND UNCAPPED PLAYERS in particdla if there is no
discrimination on the margin, we would expect aitpaes preference towards foreign players
with these characteristics based on their expeptgtbrmance in the IPL at least in the

beginning of the season.

We present the results in Table 4. We estimatectisdficients considering players
who are playing for the first time in model 1-4.rthermore, we estimate the coefficients
considering players who do not have any internatiptaying experience in model 5-8. And
finally, in model 9-12, we considered players whe playing the IPL for the first time and
do not have international playing experience. Mdddl and 9 estimates the coefficients with
other controls considered in Table 2. We consitervery first match, first three matches,
and first five matches as the beginning periodunmodel in order to examine whether there
is any difference in supporters behavior in thessealn model 2, 6 and 10, we control for

Indian variable interacted with the very first nfatf the season. Additionally, in model 3, 7

28 |n particular, the performance in the immediatevipus matches is significantly different betweedian and foreign
players. The overall performances in the earliasse are somewhat ambiguous. The main reason i® diie difference in
hiring and firing rate between Indian and foreidaypers in the IPL. Indian players are less lik@ype fired in comparison
with foreign players because of the higher demamtiesser supply-side factor.
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and 11, we further include Indian variable inteedctvith first three matches. And finally, in

model 4, 8 and 12, we additionally control Indiarigble interacted with first five matches.

The results in model 1, 5 and 9 do not show aniyssitally significant effect of
players’ characteristics on supporters’ voting. Tégults show that the popularity of a player
is not driving our results. However, we find thdwetcoefficient estimate of INDIAN
interacted with the first match; first three mathand first five matches are also not
statistically significant. Our findings suggesttteapporters’ voting are not different between
Indian and foreign players with above charactesstt the beginning of the season. Even
though the expected performance of foreign playaes higher than comparable Indian
players, supporters are indifferent in choosingveen Indian and foreign players. These
findings are in contrast with our hypothesis sttinat if there is no discrimination, foreign
players are more likely to be preferred over Indueayers with these characteristics. These
results indicate the existence of customer discatnon on the margin, especially for the first

and third groug?®

VII. Robustness

We alternatively estimate various models to thetobustness of our main results.
For the remainder of the paper, we estimate theelsodcluding the full set of controls

considered in model 7 of Table 2 in our equatiolessmotherwise specified.

A. Preference at Match Levelhere is a possibility that discrimination may atésast at the

match level. For example, supporters may discriteira the beginning of the season. To
check voters’ preference at match level, we pregentesults in Table 5. In addition to other
controls, we further include INDIAN variable intetad with match variable in model 1. In

model 2, we include MUSLIM variable interacted witmatch variable. In model 3, we

2% However, it is difficult to quantify the extent discrimination on marginal players

19



include HOME PLAYERS variable interacted with matariable. The results in Table 5 do
not support the hypothesis of taste-based discation at the match level. These results also

support our main finding®¥.

B. Preferences at the Team Levélhe IPL teams are spread all over India. As India i

diverse country, there is a possibility that preferes might differ based on region. To
evaluate its impact, we additionally include thantelevel interaction term with the INDIAN
variable in equation 1. We present the resultsabld 6. The coefficient estimates of the
INDIAN variable are not statistically significanThese results are similar to our main
findings. Similarly, the interaction terms are afdatistically insignificant. So our results do
not support any evidence of voters’ personal pegfees at the team level. These results

additionally support our main findings.

C. Preferences Based on Players’ Individual Charagstics. As can be seen from the

summary statistics, Indian and foreign players edifbon a broad range of individual
characteristics. To evaluate the possibility ofevst personal preferences based on players
individual characteristics, we additionally includarious interaction variables in equation 1.
We present the results in Table 7. The INDIAN co&fhts estimated in Table 7 are not
statistically significant. The results are similarour main findings. Similarly, we do not find
any statistically significant effect of players’ilék (bowler, all-Rounder, and wicket-keeper)
on voters’ personal preferences towards Indian gglayHowever, we find a negative
preference towards Indian players who are captathe IPL. This variable is significant at
the margin. Foreign players who are a captain aeveecaptain for their national side at

international stage also play and act as a cafaaithe IPL teams. Voters might favor these

30 There are some countries where very few playengiplthe IPL. Therefore, it is difficult to exangireach country in each
match as the bias may arise due to small sampmeldmvever, we examined first three countries frainich majority
foreign players play in the 2015 IPL season. Wenditifind any statistically different results unigérg taste-based
discrimination. The results will be available upeqguest.
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players in comparison with the Indian players wlad mever served as a captain for the

national team before but served as a captain i2@aé IPL season.

VI1II. Discussions and Conclusion

We took advantage of a natural experiment reveaimiyect measure of customers’
personal preference thereby limiting other soumediscrimination and social desirability
biases. Furthermore, we used accurate informatdirect productivity characteristics to
properly identify the customer discrimination. Rely on a match-by-match panel dataset of
Playing Xl vote in the Indian Premier League (IPlg analyzed whether supporters have a
different personal preference towards players basetheir location of origin and Muslim

sounding names.

In contrast to the often-heated rhetoric surrougdoiscrimination, the often-
unfounded assertions surrounding diversity, andpttexious literature, we overall did not
find any personal preference by voters while chapdietween Indian and foreign players.
Additionally, we did not find any causal impact snpport of voters’ preferences within
Indian players. Furthermore, we did not find angcdimination against players with Muslim
sounding names. These findings are consistentBdtierjee et al. (2015) where they did not
find any employer discrimination in highly skillebftware jobs in India. We extended the
discrimination literature by considering customéscdmination in a highly skilled labor

market in India.

However, we found that examining discrimination fepntrolling for proxy
productivity characteristics may produce bias rssws certain included or excluded
characteristics may be systematically different. ¥end that voters positively prefered

Indian to foreign players when we did not controf flirect productivity characteristics.
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However, when we controled for players’ direct proibity in our model, we found no

evidence of discrimination in voting between Indard foreign players.

Furthermore, we found a negative preference towplagers from Sri Lanka within
foreign players. Sri Lankan players were 10-12 @etage point negatively favored in
comparison with other players. It is possibly dodhe past political conflict between India
and Sri Lanka. Our result provides additional enwe to earlier research by Bar and
Zussman (2017) showing that regional conflict lexdsustomer discrimination. They could
not be able to differentiate whether the discriiora was arising due to taste based or
statistical. Our results provide direct evidence tafte-based discrimination against Sri
Lankan players. And finally, in line with Heckman{4998) argument, our results are
indicative of customer discrimination on the margie find that supporters prefer Indian
marginal players to foreign marginal players evethé expected performance of foreign

marginal player is high.

Our results are different from the general findimgghe literature that mostly find
customer discrimination in the labor market. Owsults are different possibly due to the
following reasons. First, our setting has a diraetasure of customers’ preference and direct
and accurate information about players including pmoductivity records of each match.
Therefore, we properly identify customer discrintioa by controlling for a wide range of
variables including immediate previous experiencd performance. The second possibility
could be that indeed there is no customer discetion in the IPL. The IPL is very popular
in India and has a strong brand value as well. dfoee, it is more likely that supporters do
not discriminate and instead choose players basedtheir expected productivity.
Furthermore, there is no evidence that the teantacepor coaches consider Playing Xl

voting while selecting players for a match as tbéng closes just before the starting of the
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game. Due to the fantasy nature of voting, suppodan completely discriminate and still do
not lose their entertainment value, as the captainsoaches are more likely to choose the
best players in the team to win a match. This aufthtly suggests that there is no customer

discrimination in the IPL even if there exists intiee for voters to discriminate.

There might be a concern that our findings haveatdith external validity as we
consider sports labor market for our analysis. H@xesports are an important part of the
entertainment industry. In addition, we are consimgediscrimination from the supporters’
side, which is huge in the case of cricket in Indliaindia, cricket along with Bollywood are
two most popular entertainment industries. IPL iswadti billion-dollar industry and has a
strong brand valu&. Therefore, we believe that our results do haveoader implication.
For example, our findings can be generalized toufarpsectors like other sports,
entertainment industries, (like film, televisiondamusic) popular product brands and so on.
In particular, as players are highly skilled in gpdabor market, our results can be applied to

the highly skilled labor market in a competitiverv@anment.

It is also important to note some boundary condgiof our findings. We have all the
information about players but don't have any infation about voters’ individual
characteristics as they vote through the Internggt anonymity. This setting is good to avoid
social desirability bias. However, we have no idde is the real voter. Lack of information
about the customer is quite standard in custonsaridiination literature. Future research in

this field could address these limitations.

31 According to Duff & Phelps, the brand value of IRias 4.16 billion US dollar in 2016.
https://economictimes.indiatimes.com/industry/segsiadvertising/ipl-brand-valuation-soars-to-4-ll6em-duff-
phelps/articleshow/52930766.cms
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Figure 1. Playing Xl votes advertisement at IPL vitebs
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Figure 2: Percentage of Vote Received by PlayBtating XI Voting
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Figure 3: Selection Restriction in Playing Xl Vote.
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Table 1. Summary Statistics

INDIAN PLAYERS

FOREIGN PLAYERS

Variables Obs Mean Std. Dev. Obs Mean Std. Dev.
VOTE 1893 41.298 35.067 993 44.838 36.381
MUSLIM 1893 0.071 0.257 993 0.040 0.197
WICKET-KEEPER 1893 0.053 0.225 993 0.030 0.171
CAPTAIN 1893 0.032 0.178 993 0.056 0.230
BOWLER 1893 0.384 0.486 993 0.298 0.457
ALL-ROUNDER 1893 0.215 0.410 993  0.409 0.492
DEBUT 1893 0.258 0.438 993 0.192 0.394
UNCAPPED 1893 0.642 0.479 993 0.075 0.264
MATCH PLAYED 1893 0.436 0.434 993 0.472 0.371
TOTAL RUN 1893 432.731 772.397 993 455.203 659.673
TOTAL WICKET 1893 15.387  25.660 993 14.536 25.332
M-1 RUN 1893 0.034 0.087 993 0.052 0.110
M-1 WICKET 1893 0.034 0.106 993  0.050 0.134
M-1ER 1893 1.904 3.908 993 2.256 3.976
M-1 SR 1893 31.815 62.985 993 42.630 70.980
M-2 RUN 1893 0.034 0.088 993 0.051 0.109
M-2 WICKET 1893 0.035 0.109 993 0.048 0.132
M-2 ER 1893 1.923 3.913 993 2.234 3.962
M-2 SR 1893 31.675 63.842 993 42,925 71.327
M-3 RUN 1893 0.035 0.089 993  0.050 0.106
M-3 WICKET 1893 0.036 0.113 993 0.046 0.127
M-3 ER 1893 1.916 3.896 993 2.157 3.904
M-3 SR 1893 31.826 64.051 993 42.883 71.091
ROS 1893 2.286 0.144 993 2.144 0.166
INJURED 1893 0.009 0.097 993 0.062 0.242
REPLACED 1893 0.012 0.109 993  0.049 0.216
HOME PLAYER 1893 0.279 0.449

AUSTRALIA 993 0.358 0.479
SOUTH AFRICA 993 0.251 0.434
WEST INDIES 993 0.141 0.349
NEW ZEALAND 993 0.118 0.323
ENGLAND 993 0.058 0.234
SRI LANKA 993 0.044 0.205
BANGLADESN 993 0.013 0.113
NETHERLANDS 993 0.013 0.113
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Table 2: Preference between Indian and ForeigneiPday

(1) () (3) (4) (5) (6) )
VOTE VOTE VOTE VOTE VOTE VOTE VOTE
INDIAN -2.235 -2.374 -0.344 5.811%** 5.599%** 0.552 1.032
(4.917) (4.942) (4.621) (1.817) (2.109) (2.176) (2.124)
WICKET-KEEPER 41.08*** 5.321 5.023 8.441*** 8.806***
(7.974) (3.580) (3.526) (2.781) (2.712)
CAPTAIN 50.37*** 9.196%** 8.434%** 6.928%** 6.421**
(5.915) (2.124) (2.116) (2.157) (2.567)
BOWLER -0.987 -1.539 -1.342 -1.881 -2.102
(5.515) (1.685) (1.741) (1.792) (1.751)
ALL-ROUNDER 10.090 0.576 0.873 -3.116 -3.583*
(6.194) (2.933) (1.986) (1.921) (1.891)
DEBUT -6.661*** -6.699*** -1.115 -1.137
(1.876) (1.977) (1.908) (1.849)
UNCAPPED -10.54*** -11.77%** -3.312 -3.413
(1.805) (1.893) (2.159) (2.120)
MATCH PLAYED 64.78*** 63.40%** 52.06*** 45.47***
(2.758) (2.813) (2.559) (2.638)
ROS -3.231 -1.504 -1.506
(8.893) (7.405) (7.316)
INJURED -15.48*** -10.80*** -9.764*
(3.753) (4.186) (4.616)
REPLACED -5.961 -7.142* -6.991*
(3.718) (3.260) (3.123)
TOTAL RUN 0.0139*** 0.0140%***
(0.004) (0.004)
TOTAL WICKET 0.402*** 0.381***
(0.098) (0.097)
M-1 RUN 49.08*** 50.73***
(8.414) (8.219)
M-1 WICKET 34.97*** 34.96%**
(5.324) (5.002)
M-1 ER 0.618*** 0.527***
(0.107) (0.098)
M-1 SR 0.018*** 0.014**
(0.006) (0.006)
M-2 RUN 31.23***
(7.951)
M-2 WICKET 20.18***
(4.826)
M-2 ER 0.266***
(0.073)
M-2 SR 0.003
(0.005)
M-3 RUN 16.28**
(7.833)
M-3 WICKET 6.129
(4.419)
M-3 ER 0.176**
(0.082)
M-3 SR 0.005
(0.005)
Constant 43.50%** 43.54** 35.67*** 15.54*** 23.820 11.810 11.850
(3.926) (8.429) (9.117) (2.993) (20.100) (16.610) (16.440)
Team and Match FE No Yes Yes Yes Yes Yes Yes
R2 0.002 0.0062 0.157 0.855 0.853 0.888 0.896
Prob > chi2 0.6494 0.989 0.000 0.000 0.000 0.000 0.000
N 2886 2886 2886 2886 2886 2886 2886

Standard errors in parentheses * p<0.1, ** p<0*®5p<0.01

Relevant squared terms and interaction terms ahedied but not shown here
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Table 3: Preference within Indian and Foreign Risye

1) 2 3) (4)
VOTE VOTE VOTE VOTE
INDIAN 0.751 -0.012
(1.99) (2.764)
HOME PLAYER 2.175 2.172 1.783
(2.158) (2.032) (1.799)
MUSLIM 3.628 5.792 4.961 4.85
(3.706) (3.665) (3.734) (4.592)
SOUTH AFRICA -0.952 -2.501
(3.231) (3.546)
WEST INDIES 3.669 0.892
(4.18) (5.583)
SRI LANKA -10.35** -11.69%*=*
(4.909) (4.482)
ENGLAND -9.175 -5.752
(5.674) (6.897)
NEW ZEALAND 3.711 1.026
(3.234) (4.011)
Other Controls Yes Yes Yes Yes
R2 0.897 0.903 0.92 0.888
Prob > chi2 0.000 0.000 0.000 0.000
N 2886 2860 1893 967

Standard errors in parentheses* p<0.1, ** p<0.65p%0.01
Standard errors are clustered at players level
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Table 4: Discrimination on the Margin

DEBUT PLAYERS UNCAPPED PLAYERS DEBUT AND UNCAPPED PLAYERS

1) ) ®3) (4) ®) (6) @) (8) (9) (10) (11) (12)
VOTE VOTE VOTE VOTE VOTE VOTE VOTE VOTE VOTE VOTE VOTE VOTE

INDIAN -1.776 -1.474 -1.614 -2.019 1.200 1.295 1.283 1.490 2274 2.263 2.148 2.235
(3.721) (3.649) (3.715) (3.929) (2.284) (2.287) (2.292) (2.324) (3.688) (3.713) (3.720) (3.698)
INDIAN*M 1 -3.349 -1.226 -0.722
(2.919) (1.906) (1.866)
INDIAN*M 1-3 -0.683 -0.348 0.352
(1.735) (1.058) (0.765)
INDIAN*M 1-5 0.583 -0.843 -0.0438
(2.048) (1.010) (0.692)
Other controls Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
R2 0.892 0892 0892 0.891 00903 0.901 0903 0903 00912 0912 00912 0912
Prob > chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
N 681 681 681 681 1291 1291 1291 1291 535 535 535 535

Standard errors in parentheses* p<0.1, ** p<0.85p«0.01
Standard errors are clustered at players level
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Table 5: Preference at match level

1) 2 (3
Dependent variable: VOTE INDIAN MUSLIM HOME PLAYERS
Match 1 -1.425 -0.886 -1.020
(2.842) (7.712) (3.766)
Match 2 -0.509 1.874 -0.883
(1.751) (4.248) (2.025)
Match 3 -0.010 -2.562 -0.399
(1.603) (2.509) (1.529)
Match 4 0.0889 -3.968 -0.0983
(1.790) (2.915) (1.553)
Match 5 -0.168 -3.495 0.487
(1.764) (2.635) (1.537)
Match 6 0.0449 -1.152 -1.083
(1.559) (2.923) (1.426)
Match 7 -1.024 -0.690 -1.837
(1.633) (2.948) (1.660)
Match 8 -0.471 1.164 -3.252*
(1.498) (2.054) (1.738)
Match 9 0.0121 2.281 -2.201
(1.452) (3.531) (1.535)
Match 10 0.361 1.792 -1.108
(1.323) (3.423) (1.319)
Match 11 -0.592 0.242 -0.193
(2.470) (3.072) (2.137)
Match 12 0.194 1.344 0.803
(2.231) (2.389) (2.172)
Match 13 0.300 -1.067 0.146
(0.976) (2.680) (0.754)
Other controls Yes Yes Yes
R2 0.8939 0.8947 0.9019
Prob > chi2 0.000 0.000 0.000
N 2707 2707 2681

Standard errors in parentheses* p<0.1, ** p<0.65p¥0.01
Standard errors are clustered at players level
14th match is considered as the base here. Wedextile 15-17 matches as there are not many obseiwat

32



Table 6: Preference at the Team Level

(1) (2) () 4) (5) (6) (7)
VOTE VOTE VOTE VOTE VOTE VOTE VOTE
INDIAN 0.225 -1.871 -1.861 -0.845 -0.014 -2.997 -1.315
(2.095) (3.039) (3.054) (3.212) (3.057) (3.679) (2.855)
INDIAN * Delhi Daredevils 3.676 5575 5570 4.691 3.804 5.441 5.441
(4.178) (4.720) (4.769) (4.906) (4.932) (4.788) (4.788)
INDIAN * Kolkata Knight 6.454 6.414 5.062 3.992 16.37 2.904
Riders
(6.845) (7.312) (7.334) (7.079) (15.29) (7.543)
INDIAN * King XI Punjab 0.0789 -0.597 -1.093 -12.91 3.915
(6.234) (6.350) (6.368) (16.63) (7.982)
INDIAN * Mumbai Indians -3.675 -4.394 -8.171 -1.440
(3.839) (3.911) (6.893) (4.446)
INDIAN * Royal Challengers -2.850 -6.608 0.123
Bangalore
(5.789) (8.213) (6.212)
INDIAN * Rajasthan Royals -13.77 4.740
(18.11) (8.281)
INDIAN * Sunrisers 5.048
Hyderabad
(3.310)
Other Controls Yes Yes Yes Yes Yes Yes Yes
R2 0.896 0.896 0.896 0.896 0.896 0.896 0.896
Prob > chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000
N 2886 2886 2886 2886 2886 2886 2886

Standard errors in parentheses* p<0.1, ** p<0.85p«0.01
Standard errors are clustered at players level
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Table 7: Preference Based on Players’ Individuar@tteristics

(1) 2 ) (4)

VOTE VOTE VOTE VOTE

INDIAN 2.678 0.411 1.096 2.271
(2.167) (2.686) (2.723) (2.885)

INDIAN* BOWLER -5.515 -3.455 -4.101 -5.045
(3.509) (3.755) (3.779) (3.836)

INDIAN* ALL-ROUNDER 4,259 3.688 2.638
(3.606) (3.612) (3.751)
INDIAN* CAPTAIN -8.494* -8.533*
(4.571) (4.519)

INDIAN* WICKET-KEEPER -8.190
(5.934)

Other controls Yes Yes Yes Yes

R2 0.897 0.897 0.897 0.898
Prob > chi2 0.000 0.000 0.000 0.000
N 2886 2886 2886 2886

Standard errors in parentheses* p<0.1, ** p<0.85p%0.01
Standard errors are clustered at players level
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Appendix
Table Al: Explanation of Variables

VARIABLES

DESCRIPTION

Dependent variable
VOTE

Independent Variables
Individual characteristics
INDIAN

HOME PLAYER

SOUTH AFRICA
ENGLAND

SRI LANKA
NEW ZEALAND
WEST INDIES
BOWLER

ALL-ROUNDER
WICKET-KEEPER
CAPTAIN
Experience
DEBUT

UNCAPPED

MATCH PLAYED

Performance
TOTAL RUN
TOTAL WICKET

M-1 RUN

M-1 WICKET
M-1 ER
M-1 SR

M-2 RUN

M-2 WICKET
M-2 ER
M-2 SR

M-3 RUN

M-3 WICKET
M-3 ER
M-3 SR

Other variables
ROS

INJURED

Percentage of vote received by a player it @aatch played by its team

Equal to one if Player is Indian, zero othéses

Equal to one if the Indian player who is born orypldfor a state (or
from the neighboring state where there is no IRinteand now Playing
for the IPL team belonging to the that state, zéhemvise

Equal to one if the player is from Soithica, zero otherwise

Equal to one if the player is from England,@etherwise

Equal to one if the player is from Sri Lamkzero otherwise

Equal to one if the player is from New Zaad, zero otherwise

Equal to one if the player is from Wewdiks, zero otherwise

Equal to one if the player is specialized awbng, zero otherwise
Equal to one if the players is specialized in baitvliing and batting, zero
otherwise

Equal to one if the player is a wickeg¢jer, zero otherwise
Equal to one if the player is captain in ofat, zero otherwise

Equal to one if the player become a part of IPL téamthe first time,
zero otherwise

Equal to one if a player have never been selecteithéir senior national
side at the international stage

Number of match played by a player until matchuftber of match
played by its team until match t

Sum of all run scored by a player in thé Uhtil 2014 season

Sum of all wicket taken by a player irethPL until 2014 season

Run scored by a player in m-1 match / Run scoredlliqylayers of the
team in m-1 match

Wicket taken by a player in m-1 match / Wicket takg all players of
the team in m-1 match

Average run given in an over while bowlingninl match

(Run scored by a player in m-1 match / Ball facedhe player in m-1
match) * 100

Run scored by a player in m-2 match / Run scoredllijylayers of the
team in m-2 match

Wicket taken by a player in m-2 match / Wicket takg all players of
the team in m-2 match

Average run given in an over while bowlinghin2

(Run scored by a player in m-2 match / Ball facedhe player in m-2
match) * 100

Run scored by a player in m-3 match / Run scoredlliqylayers of the
team in m-3 match

Wicket taken by a player in m-3 match / Wicket takg all players of
the team in m-3 match

Average run given in an over while bowlinghir3

(Run scored by a player in m-3 match / Ball facedhe player in m-3
match) * 100

Indian player = Number of Indian players intiem in matchm /7
Foreign player = Number of Foreign players intgm in match m/ 4
Equal to one if the player has opted oubjured in match m, zero
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otherwise
Equal to one if the player is replaced by a regpllayer due to injury or

REPLACED ; : .
opting out in match m, zero otherwise

Additional Control Variables

Team_FE Dummy variables for each team

Match FE Dummy variables for each match

We also include squared term of the following Vialeéa
TOTAL RUN, TOTAL WICKET, M-1 RUN, M-1 WICKET, M-2 RUN, M-2WICKET, M-3 RUN, M-3

WICKET

We also include the interaction term of followingriables
TOTAL RUN * TOTAL WICKET, M-1 RUN * M-1 WICKET, M-2 RUN *M-2 WICKET, M-3 RUN *
M-3 WICKET, M-1 RUN * M-1 SR, M-2 RUN * M-2 SR, M-RUN * M-3 SR,
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