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ABSTRACT
Overeducation and Ethnic Minorities in Britain*
This study examines the utilisation of education across ethnic minorities in the UK. In
particular, we examine the incidence of mismatch between educational qualifications and
occupational attainment, the determinants of any mismatch and the consequences for
earnings and other labour market outcomes. Using a modal measure of required education
across sixty occupations we find that different ethnic groups have varying levels of overeducation with the highest incidence being amongst the Indian and Africa-Asian groups.
When we introduce controls we find that the African-Asians are more likely to be both over
and under-educated relative to Indians (the omitted group), but this is reversed for those born
in the UK. Foreign qualifications increase the likelihood of over-education for Pakistanis and
Bangladeshis but reduce it for African-Asians. Language fluency increases the likelihood of
mismatch. The results from our earnings regressions support previous work in relation to the
returns to over, required and under-education, though with differences between native and
immigrant non-whites.
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1. INTRODUCTION

There is a substantial literature on the labour market performance of ethnic minorities in both
Europe and North America. In the UK, for instance, it is well documented that ethnic groups
experience higher unemployment, lower earnings and lower occupational attainment relative
to whites (Blackaby et al, 1998, 1999). For the US there are similar findings, albeit with a
greater attention to spatial constraints, with the labour market disadvantage faced by AfricanAmericans reflecting a growing suburbanisation of employment opportunities (Kain, 1968,
Arnott 1998). A divergence between residential location and employment opportunities
makes it harder for blacks to commute or gain knowledge about job opportunities.

Despite a growing literature on whether workers in general are being fully utilised in the
workplace very little attention has been paid to over-education amongst ethnic minorities. The
broad consensus is that significant numbers of workers are either over-educated or undereducated where over-education occurs where actual education exceeds that formally required
for the job and under-education where educational attainment is below that formally required.
In the US Sicherman (1991) found that around 40% of the workforce were over-educated,
while 16% were under-educated. For the UK Sloane et al. (1999) found that around 31% of
British workers were overeducated, 17% were under-educated and the remainder adequatelyeducated.

In itself this mismatch between educational attainment and requirements need not be a
problem. Concern arises when it has a detrimental long-term effect on individual
productivity, imposing wage penalties and reducing job satisfaction. Almost without
exception, existing empirical studies have found a benefit from surplus education in terms of
a positive return to earnings, but also a penalty, since this return is smaller than the return to a
perfectly matched worker (Alba Ramirez, 1993; Hartog, 2000; Sloane et al. (1999). With
respect to job satisfaction higher attained education brings with it higher expectations in

terms of challenging and interesting work duties. Incongruity between actual and required
education generates worker dissatisfaction (for example, see Tsang et al., 1991). To the
extent that higher dissatisfaction generates lower work effort this reduces worker productivity
and thus the individual rate of return. Battu et al. (2000), found that graduates who are
matched to jobs which require degrees, have higher job satisfaction than those graduates in
non-graduate jobs.

As far as we are aware there are no studies that explicitly focus on mismatch amongst ethnic
minorities. The limited research evidence that does exist tends to focus on the population at
large with a cursory attention to ethnic groups. Nevertheless, the limited research on ethnic
groups finds that over-education is greater for non-whites (Duncan and Hoffman, 1981; Alpin
et al, 1998) and there is also some evidence to suggest that ethnic minority graduates do
experience greater difficulties in accessing “graduate” jobs relative to whites (Connor et al.,
1996). In any case the heterogeneous ethnic profile of the non-white population in terms of
ethnic origin is not acknowledged and nor is any distinction made between ethnic minorities
who are native born and those who are foreign born. This is unfortunate, since it is now well
established that economic deprivation is relatively more acute for certain ethnic groups (in the
UK this applies to Bangladeshis) and these are more often than not also the most recent
arrivals (see, for example, Blackaby et al. 1998 and 1999 and Leslie, 1998).

But why might non-whites have a higher incidence of over-education? Broad explanations
revolve around supplies of skills exceeding demand or imperfections in clearing the labour
market. An argument specific to non-whites is simply that of discrimination. If non-whites
find it more difficult to acquire any job they may well be more likely to take a job that is not
commensurate with their qualifications, so that a higher proportion of non-whites end up
over-educated. With the level of educational attainment rising amongst ethnic groups as a
whole and with ethnic students being comparatively well represented in higher education
(Owen et al. 2000) discrimination, if reflected in greater over-education and thus lower
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earnings, may place doubts on the importance of human capital attainment as an avenue for
escaping disadvantage (Leslie and Drinkwater, 1999).

Another less developed argument (at least for the UK) focuses on the spatial constraints faced
by ethnic groups. Commuting distances for ethnic groups tend to be shorter and this reduces
the chances of a better match, thereby increasing the probability of being over-educated. The
lack of access to a private vehicle may be the constraining factor here and there is some
evidence that a higher proportion of Bangladeshi and Pakistani individuals are likely to walk
to work relative to whites (Blackaby et al. 1999). In contrast, McCormick (1986) argues that
commute times should be higher for non-whites; the argument being that those with high
unemployment and low earnings in their local labour market may be willing to accept more
distant employment simply in order to gain employment and thereby raise earnings. This in
turn could improve the match and actually reduce over-education amongst non-whites. This
is basically an empirical issue. Our own analysis using the British Household Panel Survey
found that non-whites do indeed have higher commute times (on average 3 to 4 minutes
longer for each journey). Commute times will though be a function of distance and mode of
transport with public transport journeys taking longer.

This study attempts to fill the void in the over-education literature and examine the imbalance
between educational and occupational attainment for non-whites in the UK. By utilising data
from the Fourth National Survey of Ethnic Minorities (FNSEM), it examines three issues.
First, what is the incidence of over-education amongst the ethnic groups in the UK? Second,
what factors drive any mismatch that they experience? Third, what are the consequences of
this mismatch in terms of earnings and other job attributes? It should be emphasised that our
basic premise is that over-education is a consequence of discrimination, rather than implying
that too much education has been provided for ethnic minorities. The positive return to overeducation serves to emphasise this point.
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2. DATA
The data are derived from the Fourth National Survey of Ethnic Minorities (FNSEM)
conducted in 1993/94. The dataset includes a standard set of variables capturing individual,
demographic and job characteristics (see Modood et al. 1997 for details). This has the
advantage that it over-samples ethnic minority groups and explicitly acknowledges the
heterogeneity within the non-white population. The upshot is that we must be cautious in
comparing averages across white and non-white groups. The ethnic population is composed
of six groupings (Caribbean, Indian, Pakistani, African-Asian, Bangladeshi, and Chinese).

The 1991 Census was used to select the sample of ethnic minorities included in the survey. In
particular, all 9527 electoral wards in England and Wales were divided into three bands (high,
medium and low) according to the proportion of the population who were members of ethnic
minorities. Within each band a sample of wards was chosen and within each of these selected
wards a sample of addresses was picked. Interviewers then visited 130,000 addresses to
identify any members of the target minority groups living there who could then be
interviewed. At each household containing adults from ethnic groups, one or two were
selected for interview. Two questionnaires were randomly assigned to the two adults selected
with the same core set of questions, but a different set of secondary questions. Crucially, a
majority of the selected individuals were interviewed by a member of their own ethnic group
either in English or in their own language, thereby maximising the response rate and reducing
any potential source of bias. Interviews were obtained in 3291 ethnic households and with
5196 ethnic individuals. A comparison sample containing white households was also
obtained, generating 2867 white interviews.1 Limiting the analysis to those aged 20 to 64
years there are 1764 employed non-whites and 1154 employed whites.

1

The response rates were 61% for Caribbeans, 74% for Indians and African Asians, 73% for Pakistanis, 83% for Bangladeshis,
66% for Chinese and 71% for Whites.

4

Some descriptive statistics for the two samples are given in Table 1. As is common in
previous analysis using this dataset the data throughout is unweighted (Dustmann and Fabbri,
2000; Lindley, 2002). As such care needs to be taken in interpreting our descriptive statistics
especially when comparing whites with non-whites.

In general, and relative to whites, it is the case that non-whites tend to be slightly younger and
more likely to be married if male (less if female), and fewer live in very low unemployment
wards or have a white boss. They are more likely to be in a workplace where there is a trade
union or a staff association present and many more work in the public sector. They have
lower weekly pay and spatially they are concentrated in the South East and West Midlands.
Fewer have supervised or received workplace training and finally the average number of
vehicles in their households is lower.

The dataset also contains detailed information on educational qualifications. However, since
there is no direct information on years of schooling, our measure of education is the
respondent’s highest qualification. An added complication is that around three-quarters of the
ethnic minorities are immigrants. Though just over half of the Caribbean working age
population (55.56%) are born outside the UK, in excess of 75% of the other ethnic groups are
immigrants and in the case of the African-Asian and Bangladeshis the figure is around 95%.
Thus, part of the immigrants’ stock of human capital may be accumulated out with the UK and
may be less highly valued by employers than UK acquired human capital. Table 2 provides
information on the educational profile of our seven ethnic groups. Over three quarters of
whites have only UK qualifications compared to nearly a half (47.85%) of non-whites. Within
the non-white category the Caribbeans, who are the earliest entrants into the UK, are closest to
whites with around 67% of them having only UK qualifications. In contrast, just around a fifth
of the Bangladeshi group (the latest arrivals) possess only UK qualifications. A quarter of nonwhites possess only foreign qualifications with the highest rates amongst the four South-Asian
ethnic groups. 10% of non-whites possess both UK and foreign qualifications with the highest
5

incidence being amongst the Chinese (23.66%). The Bangladeshi and Pakistani groups stand
out, in having a high proportion with no qualifications (50.54% and 35.24% respectively).

The fact that non-trivial numbers of ethnic group members hold both foreign and UK
qualifications raises the question as to how we treat foreign qualifications in our measure of
highest qualification. Shields and Wheatley Price (2002), using the same dataset, take the UK
qualifications as the highest. Their argument is that, “…any UK education will have been
undertaken at an older age and is therefore likely to be of a higher level.” Our analysis of the
data reveals, however, that around a quarter of the small number who possess both UK and
foreign qualifications have lower UK qualifications. In particular, a detailed inspection of the
data reveals that many immigrants who have degree level qualifications from outside the UK
tend to have accumulated at a later stage a range of commercial, clerical and other sub-degree
qualifications within the UK. These qualifications may represent the normal upgrading of
skills and/or an attempt to counteract discrimination against foreign qualifications.

To ascertain each respondent’s highest qualification we make two alternative assumptions
about foreign qualifications. First, we treat UK and foreign qualifications as equivalent
(highqual) and second, given the small numbers involved and where respondents possessed
both we decided to treat UK qualifications as the highest (highqual1). In both cases, we
generate six education dummies: no qualifications, commercial and apprenticeship, O-levels,
A-levels, vocational degrees, (teaching, nursing and other qualifications) and degree
(including both first and postgraduate degree levels). Tables 3 provide a breakdown of the
educational attainment of various ethnic groups for both measures of highest qualification.2
The distributions are quite similar across the two measures though for some groups (Indian
and Bangladeshi) there are lower percentages with a degree under highqual1. Regardless of
measure the table reveals that the Chinese community and to a lesser extent Indians and
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African-Asians are much more likely to have a degree than whites, whilst fewer Caribbeans
possess a degree. In accordance with Table 2 the incidence of no qualification is strongest
amongst the Bangladeshi and Pakistanis. These wide differences across ethnic groups are
found elsewhere (see for example, Cabinet Office, Performance and Innovation Unit, 2002)
and do suggest that any analysis that focuses simply on whites and non-whites may not be
very revealing and could potentially be misleading.

Another aspect of the disadvantage of ethnic minority groups is their clear occupational
crowding into less prestigious and low paid jobs. Indeed some ethnic groups, despite their
educational attainment, may lag behind whites in terms of occupational attainment reflected
in higher over-education. There is evidence (not reported here) that non-white workers have a
lower representation in the managerial and professional groups relative to whites and are
much more highly represented in the lowest manual occupational groupings. In particular,
excluding the White and Chinese groups, over 20% of the remaining groups are in the lowskilled/unskilled categories (for the Indian and Pakistani groups the figures are in excess of
30%). Nearly half of Bangladeshi men and well over half of Bangladeshi females are in junior
non-manual and personal services, predominantly restaurant work.3 Three groups, namely
Whites, African-Asian and Chinese are also found to have relatively high concentrations in
the managerial and professional categories.
In summary, the data on educational and occupational attainment does reveal considerable
heterogeneity across the ethnic groups. Our next step is to try and ascertain the extent of
mismatch between educational and occupational attainment across the groups. The overeducation literature points to three ways in which mismatch can be measured. The first
measure involves the systematic evaluation by professional job analysts who try to decipher
the level and type of education required in particular occupations. The most commonly used

2

We do not split the data by gender as the regression analysis shows that there are no significant gender differences with respect
to over-education and also doing so would reduce sample size. For similar reasons we have not attempted to deal with potential
problems of sample selection.
3
According to Modood et al. (1997) “…more than half of all employed Bangladeshi men have just one occupation; waiting and
kitchen work in restaurants”.
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of these evaluations is the Dictionary of Occupational Titles (DOT) established by the US
Employment Service. The second measure involves a worker making an assessment of his or
her own job. In the US, the Michigan Panel Study of Income Dynamics (PSID) asks, “How
much formal education is required to get a job like yours?” The extent of over-education is
determined by comparing the required level of education with that actually attained. The third
measure focuses on the distribution of educational qualifications in a given occupation. In
particular, a comparison is made between the mean or modal level of education for an
occupation and that actually attained. Under a variant of this, over-education is defined as one
standard deviation above the mean qualification level for that occupation. The problem with
this method is that the choice of one standard deviation seems rather arbitrary. Furthermore,
the use of one standard deviation forces symmetry into the measure so that the extent of over
and under-education is equalised. There is no reason why this should be the case and the other
measures routinely find that the proportion of workers who are over-educated is larger than
the proportion under-educated.

In our study we make use of modal rather than a mean approach (Table 4). Required
education is simply equal to the modal level of education for that individual’s occupation.
Given that highqual and highqual1 have similar distributions we use highqual as our measure
of highest qualification. A worker would then be considered over-educated if his or her actual
education exceeded the modal value of education for their occupation, adequately educated if
actual education equalled the modal level of required and under-educated if their actual
education was lower than the modal required. The mode measure has the advantage that it is
less sensitive to outliers and to technological and workplace change (Kiker et al. 1997).
Bearing in mind that we might obtain unreliable estimates where we have too few cases in
some occupations we use occupations disaggregated at the 2-digit rather than 3-digit level.
Where occupations have less than 10 observations it was decided to merge the occupation
with the appropriate and adjacent occupation. Having done this we end up with 60
occupational groups. For each of these groups we use the modal level of education as the
8

required level of education and calculate mismatch by comparing this with the attained level
of education.

Our estimates in Table 4 reveal that around about a third of non-whites are over-educated,
with 17% under-educated and the remainder adequately educated. The highest incidence of
over-education is amongst Indians at around 39% and the Bangladeshis seem to be well
matched with approximately 61% of them being in jobs where they are fully utilised. Where
foreign qualifications are downgraded relative to UK qualifications (highqual1) the incidence
of mismatch across our various ethnic groups is largely unchanged though the incidence of
over-education falls slightly for the South-Asian groups.

3. EMPIRICAL METHODS
3.1 Determinants of mismatch
A multinomial logit model is used to investigate the determinants of over and undereducation. Our multinomial logit model estimates two sets of coefficients, b1 (over-educated)
and b3 (under-educated) using the modal measure of mismatch. From these two sets of
coefficients we can calculate the probability Pij of individual i being over-educated (j=1) or
under-educated (j=3), conditional on a vector of characteristics xi.

The probability of individual i being in over (under) education group j (relative to the
probability of being in the default group 2 - adequately educated) is given by:

Pij
Pi 2

= exp[xi¢(b j - b 2 )] for j=1,3

[1]

With normalisation of b2 to equal 0 to permit identification of the model, the probabilities are:

Pi 2 =

1
é1 + å exp[x ¢b ]ù
i
j
êë j =1, 3
úû

for j=2
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[2]

Pij =

exp[xi¢b j ]

é1 + å exp[x¢b ]ù
i
j
êë j =1, 3
úû

for j=1,3

[3]

Separate regressions are run for non-whites and whites and separate ethnic dummy variables
are included in the former. The Chinese are, given their small numbers, excluded from our
analysis and the Pakistani and Bangladeshi groups combined given their similarities and also
the fact that the sample size for the Bangladeshis is below one hundred. The omitted category
is Indian. Too few cases precluded running separate regressions for each ethnic group. Our
specification of xi also includes demographic variables (age, age squared, gender, marital
status) and a range of job and work related characteristics (workplace size, trade union at the
workplace, public sector, training, supervision).

An important characteristic of ethnic minorities is their concentration within ethnic enclaves
that generally exhibit high unemployment (Peach, 1996). According to assimilation theory,
interactions between ethnic minorities and the white majority improve ethnic minorities’
social capital and job finding networks (Weinberg, 2000). The assimilation process may be
hindered by the concentration of individuals from the same ethnic group. To capture the
influence of spatial constraints and ethnic enclaves we incorporate a range of variables:
having a white boss; being UK born (the argument being that immigrants are more likely be
resident in enclaves); the concentration of own ethnic group at a ward level and the number
of vehicles in the household (see Raphael and Stoll, 2000 for an analysis of how car
ownership influences labour market outcomes). To capture unemployment at a local level we
use information on the unemployment rate at the ward level. We find that over 70% of the
white sample lives in a ward with an unemployment rate of less than 10%. This compares
with approximately 17% and 11% for the Pakistani and Bangladeshi groups respectively. As
discussed above another key part of a migrants profile is foreign qualifications. To ascertain
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the extent to which foreign qualifications influence job matches we also include a foreign
qualifications dummy in our estimating equation.

3.2 Earnings
Our earnings estimates are complicated by the fact that earnings in the dataset are observed to
fall in a certain interval on a continuous scale. Individuals were asked to indicate which of
sixteen weekly income bands best encapsulated their income. This refers to usual gross pay
from their main job including overtime and bonuses before any deductions. The advantage of
earnings bands is that individuals may be more accurate when asked to place their earnings in
a band compared to where they are asked to give a precise figure. On the other hand around
20% of observations on earnings are missing and though the response rate was good for some
groups (Whites, Caribbean, Bangladeshi and Chinese) the response rate was poor amongst
Indians and Pakistanis. Modood et al. (1997) suggests that the “missing” are likely to fall
disproportionately into the high earnings group so that mean levels of earnings may be
understated. Nevertheless, it is comforting to find that mean earnings using midpoints are
significantly lower for non-whites overall with Bangladeshis having the lowest earnings and
African-Asians and the Chinese displaying parity with Whites. Rather surprisingly Indian
mean earnings were below those of the Caribbeans given the formers’ job-level distribution.
The mean earnings for Indians are clearly depressed and this reflects their higher refusal rate
in the survey.

Two estimation methods were utilised. Our first approach uses mid-points and produces
estimates using least squares (OLS).4 According to Stewart (1983) this ad hoc procedure may
generate inconsistent estimates. Hence, we also employ an interval regression model where
the dependant variable (earnings) is categorical and ordered and the cut-off points are known.

4

The dependent variable (the log of weekly earnings) takes the midpoint of 16 bands with the upper limit of the final band
determined by multiplying the lower threshold (789) by 1.5. This procedure has been used by Chiswick and Miller (1995) and
Lindley (2002).
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This is a maximum likelihood estimator and generates consistent estimates of the parameter
values.

Assuming a model structure of the following form for individual i (where i=1,2,…,N):

yi = xi/ b + m i

[4]

where yi is our unobserved observation i of (continuously distributed) the log of earnings,

x is a vector of regressors, b our unknown parameters and m i is the random error term.
Under the assumption of conditional lognormality of earnings,

yi xi ~ N ( xi/ b ,s 2 )

[5]

With K groups (here we have 16 bands), the k-th is given by ( Ak -1 , Ak ) and

A0 = -¥, and Ak = +¥ .

In practice the OLS and internal regression method produced very similar results, so only the
latter are reproduced here.

The specification of our earnings equation is grounded in an assignment framework
(Sattinger, 1993) in which we have a supply-side (what workers bring to the labour market in
terms of educational qualifications) and a demand-side (the requirements of the firm in terms
of educational qualifications). Traditional human capital and job competition approaches are
seen as special cases where either the supply or demand side is suppressed. For example, in a
standard human capital specification earnings are largely a function of the supply-side and in
particular individually attained education and experience. Here the demand-side, and in
particular, required education plays no role.

The assignment specification includes a required education variable (Sr) and dummies for
over (So) and under-education (Su). The omitted category is adequately educated. Other

12

controls (zi) included are age and its square, dummies for gender, marital status, industry, and
region of residence. The regressions are run separately for whites and non-whites and to
gauge the importance of assimilation effects separately for native and non-native non-whites.
The earnings function has the form:

ln y i = b i z i + c i S r + h i S o + q i S u + e i

[6]

3.3 Supervision and Training
Alongside the effects on earnings we also investigate the effects of over-education on two
other work related characteristics, namely whether individuals have ever supervised others in
the workplace and whether they have received workplace training. The extent to which
individuals have supervisory responsibilities can be seen as a measure of job level and labour
market success. In particular, all employees were asked “Do (did) you supervise, or are(were)
you responsible for other people’s work?5 The training question is “Since completing fulltime education, have you ever done any training for the workplace?” One argument might be
that the overeducated receive less training than properly matched workers, as less training is
required to perform their job because their education provides them with sufficient skills that
compensate for the lack of training. On the other hand it is possible that education and
training are complementary. Binary probit models are run with the dependent variables being
supervision (yes/no) and training (yes/no). The covariates in both regressions include
dummies for over and under-education as well as our required education variable.

5

It has been found that individuals in non-manual jobs are more likely to supervise compared to those in manual jobs (Modood et
al. 1997).
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4. EMPIRICAL RESULTS

The results for our multinomial logit regressions are given in Tables 5 and 6 with coefficients
and marginal effects reported for non-whites and whites respectively. The results reveal the
following.6 Being over-educated decreases with age (with more work experience). Gender
and marriage have no significant effect on the probability of being matched or otherwise.
Rather surprisingly and contrary to assimilation theory being UK born and being fluent
increases the likelihood of mismatch (both over and under-education). Workers with foreign
qualifications are more likely to be over-educated suggesting that foreign qualifications are
not as highly valued by employers. Of the ethnic dummy variables only African-Asians have
a significantly greater likelihood of being mismatched relative to the omitted category of
Indians (a marginal effect of 0.15).

We also constructed a number of interaction terms. From these it is evident that AfricanAsians who are born in the UK and who have foreign qualifications are less likely to be overeducated. By way of contrast Pakistani and Bangladeshi workers with foreign qualifications
have a higher probability of over-education. This difference in the effect of foreign
qualifications across the two ethnic groups may reflect the higher quality of the Africa-Asian
ethnic group.

The effects of being resident in an ethnic enclave for non-whites are captured via a banded
continuous variable for ethnic concentration. Here we find that a worker belonging to a ward
with high ethnic concentration has a greater probability of being over-educated. The existence
of poor matches in wards with higher ethnic concentrations suggests that ethnic enclaves do
not help the matching process. This, however, is not the case with whites, since for them the
6

A number of tests were carried out for the multinomial logit regressions. First, both likelihood ratio and Wald tests were carried
out to test whether the independent variables differentiate between the two outcomes. Both tests reject the idea that the two
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probability of being over-educated actually falls with ethnic concentration at the ward level
(Table 6). Having a white boss may signal whether non-white individuals have managed to
break out of ethnic enclaves and are no longer employed by someone of their own
community. From our descriptive statistics in Table 1 it is evident that just under a quarter of
non-whites have a non-white boss. For non-whites having a white boss increases the
likelihood of over-education, though this is only significant at the 10% level. This is
indicative not of hiring discrimination since workers are employed, but perhaps that white
bosses are less likely to recognise foreign qualifications relative to non-white bosses.

Being employed on shifts raises the likelihood of over-education for non-whites and reduces
the likelihood of under-education for whites. This is consistent with responsibility for sharing
capital equipment raising the requirement for appropriate levels of education. Public sector
employment reduces the likelihood of over-education for non-whites and whites. This is
consistent with credentialism being more important in this sector. Likewise having had
responsibility for supervision reduces the likelihood of over-education for both non-white and
white workers. Having undergone training reduces the probability of being over-educated for
non-whites only. There is no evidence that the number of vehicles in the household, by
widening the area of job search, has any significant effect on job matching.

The results for our earnings equation estimations are given in Table 7 for non-white
immigrants, non-white natives and whites respectively. Across all three samples there is an
earnings premium associated with required education, with the smallest premium being for
UK born non-whites. The premium associated with surplus education is positive for nonwhite immigrants (7.3%) and whites (13%) but smaller than that for required education. There
is no evidence of a positive premium associated with over-education for UK born non-whites.
In general, these estimates are not out of kilter with previous studies. Groot and Maasen van

outcomes are indistinguishable. Second, the Hausman and Small-Hsiao tests of the independence of irrelevant alternatives (IIA)
assumption were carried out. These tests reveal that the IIA assumption is not violated.
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den Brink (2000) in their meta-analysis covering the US and a number of European countries
have estimated the rate of return to surplus education to be 2.6% over the last 30 years.
However, we need to bear in mind that our analysis covers all degrees of over-education.
Sloane et al. (1999) found a positive return of 2.8% for each level of surplus education with
the overall rate being 14% (similar to the rate for whites in our estimates). With respect to
under-education we find that earnings are discounted; the negative return to under-education
ranges from around 12 to 31%, with the penalty being higher for non-native non-whites. The
consensus in the literature is that the returns to under-education are negative and that the
penalty for under-education tends to be smaller than the returns to required education (Hartog,
2000). We confirm the former and find the latter only for whites.

Throughout our results we find an earnings premium for males, though the gender gap in
earnings is found to be greater for whites and smaller for non-white immigrants. Examining
the ethnic dummies we find that, with the addition of controls, three of the ethnic dummy
variables coefficients are positive, but small and poorly determined. Only the Caribbean
ethnic group has a positive and significant estimated coefficient albeit at 10% significance.

Spatial and assimilation effects are evaluated through four sets of covariates. Fluency in
speaking the English language is very important for non-white immigrants with an earnings
premium of around 10% where fluency is based on interviewers’ evaluation of respondents’
speaking ability (those whose abilities were fluent were coded 1 and those with fair, poor or
none coded 0). This compares with 16% in a study by Dustmann and Fabbri (2000) and 14 to
20% for males across a range of specifications in a study by Lindley (2002). Years since
migration have no significant effects on earnings for non-white immigrants. There is also no
evidence of a positive enclave effect when we examine the ethnic concentration variable. This
contrasts with other work suggesting that enclaves offer some form of warm embrace that
helps immigrants to escape the discrimination they encounter elsewhere in the labour market.
Edin et al. (2000) find that the earnings gain associated with a one standard deviation increase
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in ethnic concentration was around 7%. Having access to private transport may be a
mechanism for escaping from an enclave. The individual lives in the enclave and thereby
enjoys certain cultural benefits but has longer commutes to jobs. A rise in the number of
vehicles in the household, by raising the potential area of job search, is associated with higher
earnings for both non-white samples. Though car ownership may be endogenous the results
do suggest that having access to a car is an important determinant of earnings for non-whites.
No such relationship is discernible for whites. Alternative specifications of the earnings
equations incorporated a dummy for foreign qualifications. The dummy for foreign
qualifications was found to be insignificant and the coefficients on the other variables
remained largely unchanged.

Other results worth mentioning are that weekly earnings rise with age and that both whites
and non-white immigrant employees in large establishments (over 500 employees) enjoy an
earnings premium. There is no suggestion of a wage curve effect at the ward level, since no
relationship between living in a ward with higher unemployment and earnings was detected.
Living in the South-East of England is clearly associated with higher earnings for all three
groups.7 Examining our socio-economic groups it seems that that non-whites obtain an
earnings premium in minerals, engineering, other manufacturing and hotels relative to the
omitted category (energy).

Tables 8 and 9 provide the coefficients and marginal effects from our supervision and training
probits for non-whites and whites respectively. The supervision probit reveals the following.
First, and not surprisingly, workers who are fluent in speaking English are more likely to have
supervised others (with a marginal effect of 0.23). Second, and for both whites and nonwhites the likelihood of supervising increases with required years of education and declines
with under-education. In the training regressions there is a positive relationship between
7

The 1991 Census of Population shows that around 45% of the ethnic minority population is located in London. In our dataset
the ethnic population is concentrated in two areas: London (South East) and the West Midlands.
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required education and training. There is also evidence that over-education and training are
complements rather than substitutes since over-educated workers are more likely to have
received work related training. Examining the whites only regression we find that those who
are employed in large firms, work in the public sector and have a trade union in their
workplace are more likely to have received workplace training. Caribbeans are more likely to
be recipients of training.

4. CONCLUSIONS

Though there has been a burgeoning of research into over-education across Europe and the
US very little of this work focuses on ethnic minorities. The limited research that does exist
tends to ignore the clear heterogeneity within the ethnic population. This is especially
important in the context of the UK where there exists a diverse ethnic population, many of
who were immigrants from Commonwealth countries.

This study undertakes the first analysis of ethnic minority mismatch that acknowledges this
diversity, using the Fourth National Survey of Ethnic Minorities conducted in 1994. Our
results suggest the following. We find that over-education is higher for non-whites relative to
whites. However, this disguises some important differences within the non-white sample. In
particular, when incorporating foreign qualifications into our measure we find that all ethnic
minority groups display levels of over-education in excess of 30%. Furthermore, undereducation is lower for all ethnic minority groups than for the white population. When we
introduce controls in our examination of the determinants of mismatch we find that the
African-Asian group are more likely to be over-educated relative to Indians, the omitted
category. In addition, foreign qualifications, being UK born and language fluency all raise
the likelihood of being over-educated and under-educated. This runs counter to the arguments
of assimilation theory.
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The results from our earnings regressions support previous work in finding a positive return to
surplus education, a positive and higher return to required education and a negative return to
under-education. Further doubts are placed on assimilation theory by our findings that UK
born non-whites have the lowest returns to required education compared to non-white
immigrants and whites and receive no discernible premium from being over-educated. The
results vis-à-vis our enclave variables are less clear-cut when it comes to earnings. On the one
hand, the longer the stay in the UK and the greater the access to private transport the higher
are ethnic earnings. On the other hand, increases in own ethnic concentration raise earnings.
One explanation for this might be that employers in enclaves recognise foreign qualifications.
In our examination of supervision and training we find that over-educated non-whites are
more likely to have received training and under-educated non-whites are less likely to have
acted in a supervisory position compared to those who are perfectly matched.
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Table 1: Means and standard deviations of selected variables

Variable
Age
Male
Married
Indian
Caribbean
Africa-Asian
Pakistani
Bangladeshi
Chinese
Fluent
Years since migration
Ward unemployment <5%
Ward unemployment 5-10%
Ward unemployment 10-15%
Ward unemployment 15-20%
Ward unemployment >20%
Own group concentration <5%
White boss
Weekly pay
Workplace size 500 plus
Trade union at work
Public sector worker
North
Yorkshire and Humberside
East Midlands
South East
South West
West Midlands
North West
Wales
East Anglia
Supervised
Training
Number of cars in household

Obs
1764
1764
1764
1764
1764
1764
1764
1764
1764
1734
1303
1764
1764
1764
1764
1764
1764
866
1408
1581
854
839
1764
1764
1764
1764
1764
1764
1764
1764
1764
1745
861
1750

Non-whites
Mean
Std.
36.761
10.149
0.617
0.486
0.774
0.418
0.275
0.447
0.301
0.459
0.190
0.392
0.129
0.335
0.053
0.224
0.053
0.224
0.748
0.434
22.220
8.879
0.046
0.209
0.249
0.432
0.284
0.451
0.159
0.366
0.262
0.440
0.334
0.472
0.764
0.425
241.111
159.088
0.163
0.370
0.405
0.491
0.417
0.493
0.011
0.106
0.060
0.237
0.043
0.202
0.579
0.494
0.009
0.092
0.208
0.406
0.054
0.227
0.015
0.121
0.022
0.145
0.271
0.445
0.396
0.489
1.100
0.751
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Obs
1154
1154
1154

Whites
Mean
38.146
0.441
0.716

Std.
10.799
0.497
0.451

1154
1154
1154
1154
1154
1154
1138
1072
1125
1146
1111
1154
1154
1154
1154
1154
1154
1154
1154
1154
1151
1147
1147

0.238
0.550
0.165
0.028
0.019
0.824
0.972
267.998
0.170
0.337
0.332
0.117
0.100
0.062
0.287
0.143
0.103
0.070
0.025
0.093
0.407
0.586
1.308

0.426
0.498
0.371
0.164
0.137
0.381
0.165
181.824
0.376
0.473
0.471
0.322
0.300
0.242
0.452
0.350
0.304
0.256
0.157
0.290
0.492
0.493
0.765

Table 2: Qualifications across ethnic groups (%)

UK only
Foreign only
UK and foreign
No qualifications
N

Whites

Caribbean

Indian

African
Asian

Pakistani

Bangladeshi

Chinese

77.38
1.56
1.65
19.15
1154

67.42
3.95
5.08
23.54
531

37.94
24.74
11.13
25.98
485

47.16
20.30
11.04
21.19
335

32.60
23.79
7.93
35.24
227

21.51
19.35
8.60
50.54
93

53.76
7.53
23.66
15.05
93

Table 3: Highest qualifications using highqual (highqual1) (%)

Degree
Vocational
A-level
O-level
Commercial
None
N

Whites

Caribbean

Indian

13.86(13.52)
13.08(13.17)
16.46(16.64)
24.87(24.87)
12.48(12.56)
19.25(19.24)
1154

5.84(5.65)
15.25(15.25)
14.31(14.31)
28.81(29.00)
11.68(11.68)
24.11(24.11)
531

26.80(20.82)
7.42(8.87)
12.37(13.20)
18.56(19.18)
8.04(11.13)
26.80(26.80)
485

AfricanAsian
20.90(19.10)
7.16(7.76)
18.81(19.40)
25.07(25.07)
6.57(7.16)
21.49(21.49)
335

Pakistani

Bangladeshi

Chinese

16.30(14.10)
5.29(5.29)
11.89(13.22)
23.79(24.23)
4.85(5.29)
37.89(37.89)
227

17.20(12.90)
0.00(1.08)
8.60(8.60)
15.05(15.05)
7.53(10.75)
51.61(51.61)
93

30.11(27.96)
21.51(21.51)
15.05(15.05)
11.83(13.98)
6.45(6.45)
15.05(15.05)
93

Note: Highqual1 in parenthesis treats UK qualifications as the highest attained level of education, whereas highqual treats UK and foreign qualifications as equivalent.
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Table 4: Educational mismatch (%)

Over-education
Adequately educated
Under-educated
N

Whites

Caribbean

Indian

29.38
41.59
29.03
1154

30.89
48.40
20.72
531

39.18
41.95
15.88
485

AfricanAsian
38.21
44.48
17.31
335

Pakistani

Bangladeshi

Chinese

35.68
48.90
15.42
227

33.33
61.29
5.38
93

31.18
58.06
10.75
93

Note:
Pearson chi2 (10)=30.2559 Pr=0.001 (non-whites only)
Likelihood ratio chi2 (10)=31.9943 Pr=0.000 (non-whites only)
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Table 5: Determinants of mismatch(multinomial logit): non-whites
Age
Agesq/100
Male
Married
UKborn
Foreign qualifications
Caribbean
African-Asian
Pakistan/Bangladeshi
UKborn*Caribbean
UKborn*African-Asian
UKborn*Pakistani/Bangladeshi
Foreign qualifications*Caribbean
Foreign qualifications*Africa-Asian
Foreign qualifications*Pak/Bangladeshi
Fluent
Ward unemployment 5-10%
Ward unemployment 10-15%
Ward unemployment 15-20%
Ward unemployment over 20%
Ethnic ward density
Whiteboss
Shiftwork
Workplace size 500plus
Trade Union
Public Sector
Supervised
Training
No of vehicles in household

Over-education
Coeff.
Marginal effect
-0.209(2.78)***
-0.044
0.207(2.24)**
0.044
0.165(0.79)
0.023
0.143(0.57)
0.033
0.958(1.91)*
0.107
2.482(6.18)***
0.523
0.142(0.32)
0.017
0.918(2.50)**
0.153
-0.594(1.19)
-0.115
0.030(0.05)
0.043
-2.004(1.99)**
-0.254
-0.345(0.45)
-0.034
-1.003(1.30)
-0.202
-1.435(2.39)**
-0.227
1.307(1.85)*
0.261
1.177(4.01)***
0.188
-0.026(0.05)
-0.065
-0.114(0.22)
-0.06
-0.105(0.19)
-0.061
-0.370(0.66)
-0.118
0.184(2.90)***
0.038
0.434(1.74)*
0.079
0.620(2.71)***
0.157
0.233(0.87)
0.084
-0.142(0.65)
-0.050
-0.601(2.76)***
-0.122
-0.420(1.89)*
-0.086
-0.418(2.03)**
-0.108
0.126(0.88)
0.026
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Coeff.
-0.033(0.36)
0.025(0.22)
0.263(1.03)
-0.056(0.19)
1.56(2.76)***
0.597(1.02)
0.271(0.56)
0.902(2.05)**
-0.110(0.18)
-0.903(1.34)
-1.562(1.40)
-1.233(1.33)
0.693(0.81)
-0.198(0.25)
0.752(0.73)
1.13(2.70)***
1.023(1.48)
0.672(0.93)
0.687(0.89)
0.774(1.01)
0.041(0.54)
0.282(0.92)
-0.304(1.04)
-0.724(1.93)*
0.371(1.42)
-0.141(0.54)
-0.070(0.28)
0.360(1.48)
0.034(0.20)

Under-education
Marginal effect
0.006
-0.007
0.025
-0.014
0.175
-0.076
0.029
0.069
0.012
-0.095
-0.099
-1.00
0.168
0.022
0.008
0.083
0.159
0.103
0.110
0.137
-0.004
0.016
-0.066
-0.087
0.056
0.011
0.011
0.069
-0.001

Constant
1.622(1.01)
Observations
734
LR chi(58)=234.88
Prob >chi2=0.0000
2
Pseudo R =0.1582
Log likelihood=-625.12902
Absolute value of z-statistics in parentheses
* significant at 10% level; ** significant at 5% level; ***significant at 1%
Notes:
1.
2.

-3.222(1.58)
734

Excluded categories: single, Indian, ward unemployment less than 5% and working for firm with less than 500 employees.
The marginal effect for a continuous variable is calculated for a one-unit increase. For dummy variables it represents an average person with that particular
characteristic relative to the base characteristic.
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Table 6: Determinants of mismatch (multinomial logit): whites
Over-education
Coeff.
Marginal Effect
-0.069(1.31)
-0.012
0.048(0.72)
0.006
-0.004(0.03)
-0.004
0.038(0.21)
-0.012
-0.238(1.21)
-0.037
0.264(1.07)
0.072
0.266(0.52)
0.052
0.340(0.62)
0.154
-0.133(2.11)**
-0.019
0.226(1.26)
0.0970
-0.022(0.10)
-0.003
-0.205(1.14)
-0.044
-0.291(1.64)
-0.040
-0.690(4.14)***
-0.151
-0.097(0.60)
-0.0430
0.025(0.23)
0.003
2.230(2.20)**
1076

Age
Agesq/100
Male
Married
Ward unemployment 5-10%
Ward unemployment 10-15%
Ward unemployment 15-20%
Ward unemployment 20% plus
Ethnic ward density
Shiftwork
Workplace size 500plus
Trade Union
Public Sector
Supervise
Training
Number of vehicles in household
Constant
Observations
LR chi(32)=143.60
Prob >chi2 =0.000
2
Pseudo R =0.0615
Log likelihood=-1096.5804
Absolute value of z-statistics in parentheses
* significant at 10% level; ** significant at 5% level; ***significant at 1%
Notes:
1.
2.

Under-education
Coeff.
Marginal Effect
-0.021(0.39)
0.001
0.052(0.81)
0.0068
0.042(0.27)
0.009
0.253(1.37)
0.047
-0.141(0.76)
-0.009
-0.207(0.79)
-0.061
0.052(0.09)
-0.0123
-1.264(1.51)
-0.200
-0.095(1.52)
-0.009
-0.653(3.16)***
-0.137
-0.009(0.05)
-0.000
0.039(0.23)
0.0242
-0.225(1.30)
-0.0231
0.210(1.33)
0.097
0.292(1.75)*
0.066
0.021(0.19)
0.0023
-0.372(0.35)
1076

Excluded categories: single, ward unemployment less than 5% and working for firm with less than 500 employees.
The marginal effect for a continuous variable is calculated for a one-unit increase. For dummy variables it represents an average person with that particular
characteristic relative to the base characteristic.

Table 7: Determinants of earnings (interval regression)
Age
Agesq/100
Male
Married
Years since migration
Years since migration squared
Caribbean
Pakistani
African-Asian
Bangladeshi
Over-educated
Under-educated
Required education
Fluent
Ward unemployment 5-10%
Ward unemployment 10-15%
Ward unemployment 15-20%
Ward unemployment 20% plus
Ethnic ward density
Workplace size 500plus
South-east
Number of vehicles in household
Construction
Minerals
Engineer
Othermfg
Hotels
Transport
Banking

Non-native non-whites
0.039(2.98)***
-0.042(2.64)***
0.117(3.10)***
0.026(0.53)
0.005(0.59)
-0.000(0.07)
0.094(1.70)*
0.029(0.50)
0.045(0.96)
0.017(0.24)
0.073(1.75)*
-0.313(5.72)***
0.178(13.49)***
0.102(2.17)**
0.074(0.89)
0.085(0.97)
0.019(0.20)
-0.018(0.19)
0.004(0.41)
0.160(3.45)***
0.110(2.90)***
0.073(2.88)***
0.009(0.15)
0.331(4.54)***
0.323(4.38)***
0.379(2.78)***
0.269(3.54)***
0.058(0.74)
-0.030(0.43)

Native non-whites
0.090(2.10)**
-0.124(1.74)*
0.157(2.86)***
-0.093(1.60)

0.048(0.68)
0.006(0.06)
-0.080(0.58)
-0.044(0.18)
0.049(0.73)
-0.119(1.55)
0.119(5.98)***
0.052(0.32)
-0.008(0.06)
0.045(0.34)
0.028(0.19)
-0.025(0.16)
0.011(0.50)
0.045(0.57)
0.204(3.48)***
0.081(2.11)**
-0.018(0.13)
0.267(1.70)*
0.193(1.12)
0.332(1.73)*
0.329(2.15)**
0.225(1.51)
-0.041(0.28)
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Whites
0.036(3.22)***
-0.039(2.77)***
0.214(6.01)***
-0.031(0.78)

0.129(2.84)***
-0.156(3.59)***
0.207(17.07)***
-0.038(0.91)
-0.002(0.04)
-0.052(0.44)
0.021(0.16)
0.010(0.64)
0.107(2.33)**
0.162(3.89)***
0.025(1.01)
-0.456(5.35)***
-0.059(0.66)
-0.086(0.89)
-0.136(1.28)
-0.017(0.20)
-0.164(1.96)*
-0.465(5.67)***

Others
Constant
Observations

-0.074(0.61)
3.541(12.52)***
919
LR chi2(30)=519.02
Prob>chi2=0.000
Log likelihood=2019.3955

-0.284(1.26)
3.139(4.80)***
338
LR chi2(28)=164.46
Prob>chi2=0.000
Log likelihood=738.06889

-0.643(6.21)***
4.233(17.94)***
1037
LR chi2(23)=599.35
Prob>chi2=0.000
Log likelihood=2366.8589

Absolute value of z-statistics in parentheses
* significant at 10% level; ** significant at 5% level; ***significant at 1%
Note:
Excluded categories: single, adequately educated, ward unemployment greater than 20%, working for firm with less than 500 employees, works in energy sector
and no qualifications.
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Table 8:Mismatch and supervision (Probit, marginal effects)
Age
Agesq/100
Male
Married
Years since migration
Years since migration squared
Caribbean
Pakistani
African-Asian
Bangladeshi
Over-educated
Under-educated
Required education
Fluent
Employer size 500plus
Public Sector
Trade Union
Observations

Non-whites
0.011(0.62)
-0.008(0.37)
0.031(0.66)
-0.029(0.46)
-0.009(0.87)
0.000(0.78)
0.013(0.20)
-0.030(0.37)
0.080(1.37)
0.121(1.13)
0.073(1.30)
-0.119(2.02)*
0.119(7.79)***
0.226(3.88)***
0.001(0.01)
-0.057(1.13)
-0.041(0.84)
534
LR chi2(17)=156.34
Prob>chi2=0.000
2
Pseudo R =0.2324
Log likelihood=-258.15935

Whites
0.028(2.60)***
-0.034(2.56)**
0.068(2.11)**
0.043(1.23)

0.010(0.24)
-0.068(1.72)*
0.108(9.88)***
0.036(0.87)
0.033(0.90)
-0.036(1.00)
1079
LR chi2(20)=176.30
Prob>chi2=0.000
2
Pseudo R =0.1204
Log likelihood=-643.81936

Absolute value of z-statistics in parentheses
* significant at 10% level; ** significant at 5% level; ***significant at 1%
Notes:
1.
2.
3.

Dependent variable: Supervise (=1 if supervised anyone =0 otherwise).
Excluded categories: single, Indian, adequately educated and working for firm with less than 500 employees.
The marginal effect for a continuous variable is calculated for a one-unit increase. For dummy variables it represents an average person with that particular
characteristic relative to the base characteristic.
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Table 9: Mismatch and training (Probit, marginal effects)
Age
Agesq/100
Male
Married
Years since migration
Years since migration squared
Caribbean
Pakistani
African-Asian
Bangladeshi
Over-educated
Under-educated
Required education
Fluent
Employer size 500plus
Public Sector
Trade Union
Observations

Non-whites
0.0140.76)
-0.019(0.86)
0.002(0.04)
-0.051(0.78)
-0.001(0.06)
0.000(0.20)
0.219(2.85)***
-0.002(0.02)
0.049(0.81)
0.070(0.68)
0.132(2.30)**
-0.052(0.75)
0.103(6.46)***
0.097(1.55)
0.076(1.17)
0.027(0.50)
0.015(0.29)
536
LR chi2(17)=118.17
Prob>chi2=0.000
2
Pseudo R =0.1655
Log likelihood=-297.96928

Whites
0.008(0.78)
-0.014(1.06)
0.055(1.73)*
0.042(1.19)

0.103(2.50)**
-0.065(1.55)
0.101(9.16)***
0.112(2.61)**
0.066(1.82)*
0.113(3.19)***
1079
LR chi2(17)=173.30
Prob>chi2=0.000
2
Pseudo R =0.1183
Log likelihood=-646.00052

Absolute value of z-statistics in parentheses
* significant at 10% level; ** significant at 5% level; ***significant at 1%
Notes:
1.
2.
3.

Dependent variable: Training (=1 if received training for the workplace =0 otherwise).
Excluded categories: single, Indian, adequately educated and working for firm with less 500 employees.
The marginal effect for a continuous variable is calculated for a one-unit increase. For dummy variables it represents an average person with that particular
characteristic relative to the base characteristic.
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