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ABSTRACT

An Evaluation of
Public Employment Programmes in
the East German State of Sachsen-Anhalt

In East Germany, active labour market policies (ALMPS) are used on a large scale to contain
fast rising unemployment after unification. This paper evaluates the effects for participants in
public employment programmes (PEPSs), that are an important part of ALMPs. It focuses on
individual unemployment probabilities. By concentrating on the state of Sachsen-Anhalt, the

econometric analysis can use a new and large panel, the Arbeitsmarktmonitor Sachsen-
Anhalt. We aim at nonparametric identification of the effects of PEPs by combining the use
of comparison groups with differencing over time to correct for selection effects. Our results

indicate that PEP participation reduces the unemployment risk of the participants.
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1 Introduction

After unification, the East German economy changed quite dramatically. On the labour
market under- and unemployment rose. Programmes of active labour market policy (ALMP)
were set up. Quickly a huge number of people participated in these programmes, but at the
same time ALMP absorbed considerable amounts of money. Public employment programmes
(Arbeitsbeschaffungsmassnahmen, PEPs) are an important part of ALMP. PEPs create
additional jobs in the public or private sector through a wage subsidy paid by the labour
office. More than 2 million people participated in some kind of PEPs since 1990. The main
goa of PEPs is the reduction of unemployment, directly as well as through improving
employment chances of PEP participants on the regular labour market by providing work
experience and informal training. In this microeconometric evaluation study we try to answer

the question about the effects of PEPs for participants after they left PEP.

There are only few econometric evaluation studies of PEPs in East Germany.! Steiner and
Kraus (1995) evaluate PEPs in East Germany with data from 1990 to 1992 using duration
models. They find a higher probability for men after twelve months PEP participation to move
to employment compared to non-participants. In a more recent work (Kraus, Puhani, and
Steiner, 1998), using more data and improved methods, they find a significant negative effect.
Both papers are based on the East German Arbeitsmarktmonitor, a panel study that ceased in
1994. Another feature of both papers is that their approach to handle selection effects (ie.
identify the causal effects of PEPS) is a parametric one. Hence, these studies are subject to the
doubts raised in the econometric evaluation literature whether choosing more or less arbitrary

parametric assumptions is the best way to identify the programme effects.

1 Many evaluations of active labour market policies have been conducted in the USA (see for example the
surveys of Heckman, LaLonde, and Smith 1999, Heckman, Lochner, Smith, and Taber 1998, or Lalonde,
1995). However, the results are not comparable to the results of our study because of different institutional
settings in the US labour market as well as different programme designs. Furthermore, in many cases data
from social experiments are used. Such data is not available for Germany.
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In his research on employment policy in East Germany Hubler (1997) evaluates also the
effects of PEP participation on individual unemployment probabilities. Among the several
approaches used, including a multinominal logit model and a random effects probit model
combined with different methods to control for selective programme participation, the method
closest to our approach is to control for the selectivity by selecting the individuals for the non-
treatment sample based on a distance measure in observable variables between treatment and
non-treatment observations. The decision to stop the reduction of the non-treatment sample is
based on a pre-programme-test similar to the one suggested by Heckman and Hotz (1989).
The random effects probit model with the reduced sample is then used to estimate the
programme effects. The results for the effects of PEP participation differ for the various
specifications, but Hibler concludes that overall PEP participation does not create the

expected positive effects.

An example of a study in a European setting that is more in the spirit of nonparametric
identification of treatment (PEP) effects is a paper by Cockx and Ridder (1996). They discuss
the effects of a wage subsidy for social security recipients on employment in Belgium. They
argue that special institutional settings lead to a natural experiment, which is used to control
for selection bias. They find that controlling for selection bias is important and reverses their
results towards a negative, however insignificant, effect, that is a prolonged welfare

participation.

An example for the evaluation of ALMPs in a transition economy is the study by Puhani
(1999). He estimates the effects of several ALMPs in Poland, including training and PEPs,
using among other methods a nonparametric approach based on the conditional independence
assumption (CIA) and a matching estimator. Overall, with respect to individual
unemployment, the effects found for participation in training are positive, while participation

in PEPs and other subsidised job schemes cause an increase of unemployment.



Although the above mentioned nonparametric approaches cannot be used given the
ingtitutional settings in East Germany and the data at hand, we use other nonparametric
assumptions to identify the causal effects of PEP participation. The key issue to identify the
causal effects of PEPs is to eliminate the effect of selective participation by the individuals.
Since our data is not sufficiently informative to make the assumption that selection is only
driven by observable variables (CIA) plausible, we base our analysis on an identifying
strategy suggested by Heckman, Ichimura, and Todd (1997). They propose to use
comparisons between participants and selected groups of non-participants as well as
differencing over time to eliminate selection bias. Because in our case individuals start PEPs
a different dates, we extend their approach and combine it with a particular matching

approach by Lechner (1999).

The dataset available for this study is the Arbeitsmarktmonitor Sachsen-Anhalt, a panel based
on the population of the state of Sachsen-Anhalt. Although the data has some drawbacks, it is
in our opinion currently the best data available for evaluating PEPs in (a part of) East

Germany. Therefore, we restrict our analysisto that state.

The results show a significant and substantial reduction of unemployment due to participation
in a PEP after the PEP ended. This finding is fairly robust with respect to several
specifications and different subpopulations. Interestingly, for men this is due to an higher
employment probability, while for women the probability to drop out of the labour force

increases.

The following section of the paper consists of a discussion of PEPs in East Germany and in
Sachsen-Anhalt. Section 3 provides information on the ingtitutional regulation of PEPs.
Section 4 provides information on the data used in this study. The discussion of the

econometric methods is contained in Section 5. Section 6 presents the results and Section 7



concludes. Several appendices contain more information on the data and the estimation

methods as well as some additional results.

2 Stylized Facts

2.1 The Labour Market
In 1990, the economy of East Germany was not prepared for unification and the resulting

changes in institutional settings and relative prices. The sudden switch to a market economy
and increasing wages brought huge changes in the labour market with worker displacement
and rapidly decreasing labour demand. In reaction to these developments the government
together with the labour offices set up large labour market programmes. The maor
components are short time working (Kurzarbeit, STW),? early retirement (ER), continuous
training and retraining (CTRT), and public employment programmes (Arbeitsbeschaffungs-
massnahmen, PEPs). According to the number of participants as well as to the amount of
money spent, ER and STW were the most important programmes in 1990 and 1991. From
1992 on, CTRT and PEPs replaced most of STW. ER remained important but the number of
participants decreased slowly because no new participants were accepted. With some 'ups’ and
'downs, partly due to financial restrictions, CTRT and PEPs are still important programmes of

the active labour market policy in 1998.

The labour force of the German Democratic Republic (GDR) amounted to 9.7 million in
1989. In 1992, only 5.6 million people were regularly employed in East Germany, a drop of
40%.3 After 1992, the number of employed persons increased but remained below 6 million.
In 1991 and 1992, the majority of people leaving regular employment went into some kind of

active labour market policy programme, but unemployment rose sharply as well. In 1992,

% In case of atemporary reduction of output a company can introduce STW. Employees work a reduced number
of hours. The resulting income lossis partially made up by payments from the labour office.
% This number does not include participants in the active labour market policy.
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more than one third (1996: nearly 30%) of the total labour force was financed by the labour
offices either through unemployment benefits or active labour market policy. Focusing on the
active labour market policy alone, the labour offices spent 32 billion DM in 1992 in East

Germany (1996: 16 billion DM).

Some time was needed to set up PEPs, but in 1992 an average of 400.000 people were
employed in PEPs. Due to policy changes and financial restrictions, PEP participation
decreased thereafter — as did participation in active labour market policies in general — to a
level of between 235.000 and 315.000 persons. In total more than 2 million people
participated in PEPs between 1991 and 1997, and more than 40 bilion DM were spent.
Although there might be some differences between the states in East Germany, the general

picture drawn in this section is true for Sachsen-Anhalt as well.

2.2 Sachsen-Anhalt
Sachsen-Anhalt is one of the new federal states, located south-west of Berlin, joining borders

with several other new federal states as well as with West Germany, but not with Berlin. A

rough sketch of the economic structure before unification shows an industrialised south with a
focus on chemical industry, coal mining and energy, and an agricultural northern part. Table 1
provides some information about the economy of Sachsen-Anhalt compared to the average of

the economies of the new federal states and the West German average.

Table 1 shows that the economic development in Sachsen-Anhalt from 1991 to 1997 was
somewhat worse than the average development in the new federal states. The share of the
GDP in the new federal states produced in Sachsen-Anhalt decreased slightly over time. This
development is reflected in the unemployment rate as well. Actually the unemployment rate
in Sachsen-Anhalt was the worst in all new federal states in 1997. But the worse economic

situation in Sachsen-Anhalt is not reflected in a corresponding higher share of PEP



participants in Sachsen-Anhalt. Vice versa, the share of PEPs in Sachsen-Anhalt declines over

time compared to the rest of East Germany.

Table 1. Comparing Sachsen-Anhalt with the New Federal Sates

GDP Unemployment Participants in PEPs®
Total Per headv) (in %) Total
SAa) NFSa  SAin% SA NFS SA NFS SA NFS SAin %
of NFS of NFS
1991 36 206 18 % 19 19 10 n.a. 35 183 19%
1992 46 263 18 % 24 25 15 15 88 388 23%
1993 55 305 18 % 29 29 17 16 n.a. 250 n.a.
1994 61 355 17 % 32 33 18 16 61 280 22%
1995 64 381 17 % 34 36 17 15 64 312 21%
1996 66 397 17 % 35 37 19 17 58 277 21%
1997 70 422 17 % 37 39 22 18 n.a. 234 n.a.

Sources: Statistisches Jahrbuch fiir die Bundesrepublik Deutschland, several issues; several special issues Zeitreihen fiir
ausgewéhlte Arbeitsmarktindikatoren, Landesarbeitsamt Sachsen-Anhalt/Thiiringen; ANBA (Amtliche Nachrichten
der Bundesanstalt fiir Arbeit), several issues; Arbeitsmarkt in Zahlen: Arbeitsbeschaffungsmalinahmen,
Berichtsmonat September 1998, Bundesanstalt fir Arbeit, Table 1, 2; Arbeitsmarkt in Zahlen: aktuelle Zahlen,
September 1998, Bundesanstalt fiir Arbeit, p. 52; Institut fiir Arbeitsmarkt- und Berufsforschung, Zahlenfiebel 1995,
Table 7.2; Statistisches Jahrbuch des Landes Sachsen-Anhalt 1997; information from IWH Halle Juli 1998.

Notes: SA ... Sachsen-Anhalt; NFS ... all new federal states (incl. East Berlin and Sachsen-Anhalt). 1.9 million people live
in SA, 18% of the population of the NFS.

See Section 3 for a definition of different kinds of PEPs and what is summarized in PEPs within this paper.
n.a.: not available.

a) In billion DM.

b) In relation to population of age 15 to 65 (for NFS without East Berlin).

¢) In thousands.

2.3 PEP Participation
Thefollowing Tables 2 and 3 provide some data on PEP participation in East Germany and, if

available, for Sachsen-Anhalt separately.*

The use of PEPs reached a peak as early as in 1992. But PEPs kept to be an important part of
ALMPs in the following years as can be seen from the expenditures as well as the
participation. From 1992 to 1996 some tendency to increase the average PEP duration is
found when comparing the inflows and the average stocks. A rising share of women in PEPs

reflects the unfavourable development on the labour market for women in East Germany as

*  Further information and data about the East German labour market in general and PEP in particular can for
example be found in Wolfinger (1994, 1995) or Spitznagel (1993).
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well as an increasing focus of the labour offices towards persons with special labour market

problems. In genera the pattern is the same for Sachsen-Anhalt.

Table 2: Expenditures on PEPs by the Labour Offices

NFS SA
Total PEP2 §249h0) Total PEP2 §249hv)
1991 3,075 3,075 612 612
1992 5,083 5,083 1,664 1,664
1993 6,905 6,811 94 1,388 1,359 29
1994 4,722 3,397 1,325 1,680 1,359 321
1995 7,109 5,832 1,277 1,734 1,416 318
1996 8,156 6,835 1,321 1,701 1,422 279
19970) 6,703 5,322 1,381 1,422 1,136 286

Source: ANBA, several issues.
Notes:  In million DM per year; SA ... Sachsen-Anhalt; NFS ... all new federal states (incl. East Berlin and Sachsen-Anhalt).
See Section 3 for a definition of different kinds of PEPs and what is summarized in PEPs within this paper.
a) Regular PEP only.
b) §249h was introduced in 1993.
c) Since September 1997 data include West Berlin.

Table 3: Participantsin PEPs

In East Germany In Sachsen-Anhalt

Inflow Average of persons : Inflow Average of persons
in PEPs employed in PEPs in PEPs employed in PEPs
i Original PEP Original PEP §249h i Original PEP  Original PEP §249h
Year :Total Thereof Total Thereof Total Thereof: Total Thereof Total Thereof Total Thereof
women women women women women women
1991 422 37% 183 36% 0 - ina n.a. 35 na 0
1992 i 296  44% 38 4% 0 - | 59 n.a. 88 na 0

1993 ; 243 53% 237  48% 23 na ; 51 51% 50 44% na.  na
1994 | 293 60% 192 60% 88 36% ! 58 n.a. 40 62% 21 33%
1995 § 222 63% 206 65% 106 39% ; 43 n.a. 41 69% 23 33%
1996 : 235 62% 191 65% 86 43% | 50 n.a. 40 66% 18 39%

19972 : 142 58% 154 64% 80 44% : na. n.a. 33 na. na. n.a.

Source: ANBA, several issues; Arbeitsmarkt in Zahlen: Arbeitsbeschaffungsmalinahmen, Berichtsmonat September 1998,
Bundesanstalt fiir Arbeit, Table 1, 2; Arbeitsmarkt in Zahlen: aktuelle Zahlen, September 1998, Bundesanstalt fir
Arbeit, p. 52; Institut fiir Arbeitsmarkt- und Berufsforschung, Zahlenfiebel 1995, Table 7.2; Statistischer Bericht A VI
7 i/96 des Stat. Landesamts Sachsen-Anhalf, 1996: Table 14, 15, 1994: Table 8, 9, 1995: Table 14, 15, 1993:
Table 9; Statistisches Jahrbuch des Landes Sachsen-Anhalt 1997; information from IWH Halle Juli 1998.

Notes:  In 1000 persons.
See Section 3 for a definition of different kinds of PEPs and what is summarized in PEPs within this paper.
n.a.: not available.
a) Since July 1997 East Germany includes West Berlin.

The type of work a person has to perform in a PEP could be expected to influence the
employment chances on the regular labour market. Although there is no direct data available

on the type of work, data on the sector in which the PEP is active shows the following picture.



More than half of all participants in PEPs are in sectors like agriculture, infrastructure,
building, site development, landscape building and environmental redevelopment. The share
of PEPs in these sectors rises from 53% in 1992 to 62% in 1993 and decreases slowly to 50%
in 1997. PEPs in socia services steadily increase their share from 13% in 1992 to about 22%
in 1997. Constant over time about 8% of all PEP are of an administrative kind, and for the

remaining PEPs no information is available.

Although complete statistics appear not to be available there are some hints that PEPs in
Sachsen-Anhalt differ from the average of al new federal states. Emmerich (1993, p. 6) states

that in 1991/1992 11% of PEP participants are employed in so-called Mega-PEP, while this

number is 21% in Sachsen-Anhalt.”> Furthermore, all new federal states spend additional

money on Mega-PEPs, but four fifths of the total amount in 1991/92 came from
Sachsen-Anhalt (Emmerich, 1993, Table 7 and 8). Brinkmann and Wolfinger (1994, p. 17 and

tables) show that in the second quarter of 1994 only 7% of all PEPs according to §249h take
place in Sachsen-Anhalt, but they employ 25% of all participants in such®fEREermore,

there is a sectoral concentration of Mega-PEPs in Sachsen-Anhalt in coal mining, the

chemical industry and steel as well as a corresponding regional concentration.

3 Institutional Arrangements for PEPs in East Germany

In early 1990 the German Democratic Republic (GDR) adopted a labour law by and large
similar to the West German one, tAebeitsforderungsgese({AFG). After unification the

West German AFG came into force in East Germany as well, although many exemptions were

added. The AFG contains several regulations on PEPs.” Here we will discuss PEPs according

®> Mega-PEPs get unusual high subsidies from the labour offices. They usually employ a higher number of

persons, and typically the good or service produced is more like investment than consumption compared to

the average PEP, e.g. by providing new infrastructure or by cleaning industrial sites (Emmerich, 1993, p. 6).
® PEP according to §249h is a somewhat different kind of PEP in East Germany, introduced in 1993. See
Section 3 for more information on different kinds of PEPs in East Germany.
The information given in this section draws on formal sources like laws as well as on informal sources, which
are important to catch effects of the daily implementation as well as the use of exceptions. The major informal
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to 8891-96 AFG Arbeitsbeschaffungsmassnahmen) and PEPs according to 8249h AFG
(Produktive Lohnkostenzuschiisse Ostwhich were introduced in January 1993.2 In most
aspects relevant for this study both programmes are similar, in formal terms as well as in
informal handling. Furthermore, our data does not allow a separation. Therefore, throughout
this paper, the phrase public employment programme (PEP) includes both types of PEPs if not

stated otherwise.

Participants in a PEP are not directly employed or paid by the labour office. Rather they have
a regular employment contract with a programme supporting employer (PSE, a public
ingtitution, a private nonprofit organisation, or a firm) which automatically ends with the end
of the PEP. The labour offices reimburse the PSE for a part or all of the wage paid.® The jobs
subsidised in a PEP must not replace existing jobs. The work done in the programme must be

useful to the public and would not be done without the PEP.*

To control for selection bias it is important to know how a PEP is created and why an
individual participates. In practice, there were at least three different possibilities PEPs were

created in East Germany, although a sharp separation is not possible.

First, a company or a part of a company was to be closed. To avoid mass layoffs, the whole

company or a part of it was transferred to a PEP. The decision about individua PEP

source were interviews we conducted in East German labour offices in 1996 and 1997. The interviews were

partly questionnaire-led, partly free conversation held in local labour offices and the Landesarbeitsdmtethe

regional head offices. Although there were no interviews in Sachsen-Anhalt, we expect the general results to

be true for Sachsen-Anhalt as well.

For more (formal) information on the regulations see the AFG, the Sozialgesetzbuch |lbnd corresponding
legislation on lower levels.

For convenience we use 'regular PEPs' and 'original PEPs' for PEPs according to §891ff AFG and '§249h' as a
name for PEPs according to §249h AFG. PEPs for older unempldybetébeschaffungsmassnahmen fir

altere Arbeitnehmer, 8897-99 AlfGre not discussed because the special target group for this measure,
unemployed older than fifty-five, is excluded in this work.

Regularly between 50% and 75% of the wages are covered and in special cases up to 100%, that appear to be

common practise in East Germany. Furthermore, the labour office could cover the cost to set up a workplace

or provide loans for that. The rules were tightened over time. After 1993 the labour office accepted only

wages below 90% of the wage of a comparable unsubsidized job. For §249h programmes the subsidy is based
on the average unemployment benefits the labour office would have had to pay otherwise.

A delay that would occur without the PEP is sufficient as well. For §249h there is a closed catalogue of types
of work.

10
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participation was not based on individual considerations but exception regulations were used

to transfer the workers into the PEP. Many programmes in 1991 and 1992 were of this kind.

Second, Arbeitsbeschaffungs- und Beschaftigungsgesellsch@®6) were used.™ They are
set up by aregional or local government or a large company as a kind of 'counterpart’ to the
labour offices active labour market policies. While the labour office takes care of the
financing and supervision, the ABG creates, organizes, and administers the PEP. Furthermore,
AGBs provide information and help for the participants. It is not clear, how the decisions
about the participants are made and the requirements for individual participation are checked
when an ABG creates a PEP. Some of the ABGs are closed for new participants, others are

not.

Third, a PEP is created in the 'normal’ way. Normal means according to the regulations of the
labour law and the common use in West Germany. A future PSE proposes to create a PEP. If

|-12

the labour office approves it, the labour office decides about the participants as well.” Here,

the individual requirements should usually be met.

It is not clear which of these forms is the most important, and there are - according to our
knowledge - no complete statistics available on ABGs or the use of exceptions in the labour
law. It seems that the third possibility was typical for smaller PEPs with only afew employees
while PEPs created through the other ways typically employ many people. Unfortunately, our

data do not provide any information on the way a PEP is created.

The most important formal requirement for participating in a PEP is that the individua is
unemployed and entitled to some kind of unemployment payments (or social assistance since

1994) right before participating in a PEP. Furthermore, the person must have been

' Many different names are used for this kind of companies.
12 1n the interviews, people deciding about PEP participation in the labour offices pointed out that neither the
employer nor the individual participant has any influence on the participation decision.
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unemployed for at least six months within the last twelve months.®® People with specia
difficulties on the labour market are preferred. Those are the disabled, the unemployed older
than fifty, persons below twenty-five without a vocational degree, the long term unemployed
and - a specia regulation for East Germany - women. The labour office can depart from all

formal requirements for social or labour market reasons.

Typicaly a PEP is limited to twelve months although every other - longer or shorter - length
up to twenty-four months, under special conditions even thirty-six months, is possible. During
the PEP people get paid the Tariflohn, which isin aimost all cases higher than unemployment
benefits.'* Beginning in 1994, this was subsequently lowered to 90% of the Tariflohn, but
private firms in East Germany often pay less than the Tariflohn as well and this did not
increase the incentive to leave PEP much. Furthermore, during PEP socia security

contributions are paid, which could create new rights for unemployment benefits.

An individual leaves a PEP when the PEP ends. It is possible — and hoped for — that the PSE

employs the participant without subsidy after the PEP. Furthermore, an individual must leave

a PEP immediately to take up a job offer on the regular labour market or for a training

programme proposed by the labour office. The labour office as well as the participant are

required to search for such possibilities during PEP.

3 For §249h regulations are somewhat less tight. Only three months of unemployment within the last six
months are required. Alternatively, being in a regular PEP or in STW (13 or more weeks with 10 or less %

working time) is sufficient as well.

4 Tariflohn is the wage rate trade unions and employers agreed on in regional and sectoral specific contracts.
Unemployment benefits in Germany range from 53 to 68 % of the former net income, depending on family
status and duration of unemployment. The rates change over time. Therefore, with the exception of a wage
rate for the PEP employment being much lower than the former personal wage, there is a financial incentive

to participate in PEPs.
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4 Data

4.1 The Arbeitsmarktmonitor Sachsen-Anhalt
The Arbeitsmarktmonitor Sachsen-Anhalt (AMM-SA) was primarily designed to provide

information about the current situation of the labour market in Sachsen-Anhalt.™® Creating a
(panel) data set for scientific use is only a secondary goal. It contains a wide variety of
guestions including the labour market status now and a year ago, information about the job
position and the employer, participation in active labour market policies, earnings, education,

family and living, and personal opinions about political and labour market issues.

The AMM-SA is compiled from questionnaires mailed to individuals of age 15 to 65 living in
the federal state of Sachsen-Anhalt. The first series of interviews took place in March 1992,
and from autumn 1992 on, it has been repeated every year. We use data up to the wave of
autumn 1997. For each interview, between 10,000 and more than 20,000 questionnaires were
mailed out, resulting in 6,000 to 10,000 available observations, equa to 0.3 to 0.5 % of the
population. Of these between 500 and 1,000 of the observations in each wave have experience
with PEPs. The genera structure of the data is a mixture of cross-section and panel. Wave one
and two are a panel, but for wave three a new cross-section was drawn. From wave four on, in
every wave previoudy interviewed as well as newly drawn individuals are included. Panel
mortality in the data is high. For example, of 9,252 persons participating in autumn 1993 only
1,268 persons (14 %) have a valid interview in 1997.%° Difficulties when using the panel
structure apart from the panel mortality arise from different definitions of the variablesin the
guestionnaire over time and from not including al questions in al questionnaires.

Nevertheless, for our study we consider the AMM-SA the best data currently available on

> More information on the AMM-SA can for example be found in Wiener (1995) or in Zentrum fiir
Sozialforschung (1998; pages 11-15, 18-20, and in the last appendix).

% The dropout of 535 is explained by the age restriction, for the remaining 8,717 dropouts no information is
available. It could be 'correct' dropouts (e.g. the person died), but it has to be assumed that the major reason is
non-respons. No detailed non-response-study is available, but we could not find any substantial (unplanned)
changes in the composition of the samples, neither through the panel mortality nor through our selection rules
(see below).
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PEPsin East Germany. Table 14 in Appendix A provides an overview of the variables used in

this study.

4.2  Selection Rules and Descriptive Statistics
For people starting their working live by participating in a PEP the effects of a PEP might be

quite different than for people in the middie of their working life. Therefore our sample is
restricted to persons who were at least 22 years old in 1993. Furthermore, this restriction
allows us to use schooling as time-constant variable in the estimation. If the first available
observation is at age 55 or older, the person is deleted to avoid catching effects of early
retirement. Participants in PEP of age 52 or older at the start date of PEP are excluded,
because PEPs were used for older unemployed to ’bridge’ the time to early retirement. Our
interviews at the labour offices confirmed that. Under these circumstances the purpose is not

to increase the employment prospects of the participants.

Further exclusions are made because of data limitations. Due to missing answers or
limitations of the questionnaire, for some PEP participants neither the start nor the end date of
the PEP is known. They are excluded. Because of low numbers of cases or inconsistent
information observations with certain characteristics were deleted from the sample. Table 13
in Appendix A presents more details on the selection and the numbers of observations in the
sample before and after selection. In addition we exclude persons with missing information in

relevant questions for every estimation step separately.

In the sample of people not participating in PEPSs, no further persons had to be excluded
because they were not eligible for PEP. Due to the exemption rules for PEP participation in
East Germany al persons could have participated in PEP, athough the probabilities for

participation differ substantially.

The distribution of start and end dates for PEPs in our sample is not uniform (see Table 4 as

well as Figure 4 in Appendix A). We observe start dates between November 1989 and
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September 1997 in the original data set, but the selection rules applied restrict the
observations to start a PEP between April 1991 and September 1997. The median of start
dates in the restricted sample is January 1992, and 65% of all PEPs start before September
1992. The median of end dates is June 1993, 60% of PEP participation ended between
September 1991 and August 1993. Partly, this reflects the pattern of PEP participation in East
Germany as described above. But the distribution is also driven by the unbalanced panel
design of the sample with different sample sizes in each year, and the designs of the

questionnaires.’

Table 4: Satistics for the Sart and End Dates of PEP and the Duration in the Sample

Start of PEP (date) End of PEP (date)  Duration of PEP (months)
Mean October 1992 November 1993 14.8
10t percentile June 1991 February 1992 3
25% percentile August 1991 July 1992 6
Median in sample January 1992 June 1993 12
75% percentile November 1993 July 1995 20
90t percentile August 1995 August 1996 30
Number of observations 1123 778 778

Source:  Own calculations.
Notes:  Sample similar to the sample used to estimate the partial propensity score.

A typically PEP duration is twelve months, and the regular maximum is twenty-four months,
Table 4 and Figure 1 confirm this, with 17% of al PEPs ending after twelve months and only
very few lasting longer than twenty-four months.*® The mean of the PEP participation in the
sample is 14.8 months, the median 12 months. Of al PEPs in the sample 10% have a duration
of less than or equal to three months (six months: 25%; twelve months: 65%; twenty-four
months: 89%). For some observations in the sample PEP participation is right censored. Only
a small fraction of these persons is still in PEP in September 1997, while most of the

censoring is due either to panel attrition or to insufficient information in the questionnaires.

Y No complete information on start and end dates of PEP are available for September 1994 and 1995, while in
September 1993 and 1996 questions about the complete PEP history along with dates were included, although
no more than one spell was allowed.

18 Actually there are even more shorter PEP spells because 'start date’ is coded as the first known start date and
'end date’ as the last known end date. There are multiple PEP spells, but the data available only alows the
identification of some of them.
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These observations could not be used for the final evaluation, but provided useful information

for the estimation of the propensity score.

Figure 1: Duration of Individual PEPs

Note:  X-axis: Time, measured in months ; Y-axis: number of observations. Long PEP duration might reflect multiple PEP
participation (identification in the data not possible). The questionnaire was designed in a way that it is possible to
answer either eleven or twelve months for a full year of PEP participation depending on the individual
understanding. Number of valid observations: 778.

Splitting the sample in two groups, one with PEP participants and one with non-participants,
we find some differences between them. Table 5 shows that people with a higher degree of
formal education are less likely to participate in PEPs. The same pattern appears when
comparing the groups according to the level of formal job education or the last known job

position. Not surprisingly unemployment is higher among PEPS participants.
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Table 5: Descriptive Statistics of Selected Variables for Persons With and Without PEP

No PEP PEP
Mean in subsample or
share in subsample in %

Age(1993) . 385yeas ! 38.8 years
Gender.Female 2 %2 .
Schooling: Highest degree

University entrance degree (Abitur) 28 23

Medium (Klasse 10) 54 54

Low (Klasse 9) 18 22
University degree 8 (R
Unemployment: Registered as unemployed in

March 1991 6 16

September 1992 10 15

September 1994 9 25

September 1996 10 30
_ September1997 "o 2
Unemployment rate in region (mean)? 21 22
PEPrateinregion (mean)” 4 A
Living in

City of Dessau 4 2

City of Halle 12 5

City of Magdeburg 11 8

Area of Aschersleben-Stralfurt 4 6

Area of Anhalt-Zerbst 3 3

Area of Bitterfeld 4 7

Area of Bordekreis 3 3

Area of Quedlinburg 3 6

Area of Wernigerode 4 3
Max. number of observations 12,565 1,123

Note:  Some statistics are generated with less observations because of missing information. See Table 14 in Appendix A
for the definitions of the variables.

a) Mean over time (91-97) of unemployment rates in 8 regions in Sachsen-Anhalt weighted according to the
respective regional distribution.

b) Mean over time (91-97) of PEP participation rates in 8 regions in Sachsen-Anhalt weighted according to the
respective regional distribution.

5 Econometric Methodology and Empirical Implementation

5.1 The Causality Framework and the Targets of the Evaluation

The empirical analysis tries to answer questions like "What is the average gain for PEP
participants compared to the hypothetical state of non-participation?' This is the so-called
treatment effect on the treated. The underlying notion of causality requires the researcher to

determine whether participation or non-participation in PEPs has an effect on the respective
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outcomes, such as earnings or employment status.'® Therefore, the framework that serves as a
guideline for the empirical analysis is the potential-outcome approach to causality suggested

by Roy (1951) and Rubin (1974).

To facilitate the discussion, the following notation is useful. Y? and Y" denote the potential

outcomes (p denotes participation in treatment, i.e. PEP, n no PEP).” Additionally, denote
variables that are unaffected by treatment - called attributes by Holland (1986) - by X. It

remains to define a PEP participation indicator S that determines whether person i
participatesin a PEP (§ =1) or not (§ =0). The observable outcomeis y. =sy” +(1-5)y'.
Hence, the causal effect, for example defined as the difference of two potential outcomes, can

never be estimated, because the counterfactual (y°,s =0) or (y',5 =1 to the observable
outcome Y, is unobservable. However, the quantity of interest to answer the question placed

on the beginning of this section is the average causal effect of PEPs for PEP participants 8, 2t

0, =E(Y°"-Y"|S=1) =E(Y"|S=1)-E(Y"|S=1) =g’ -E(Y"|S=1). ()

g® can be consistently estimated by the sample mean of y, in the subsample of PEP

participants.”? The problem is the term E(Y" | S=1). Much of the literature on causal models

in statistics and selectivity models in econometrics is devoted finding useful identifying

assumptions to predict the unobserved expected nontreatment outcomes of the treated

1% See Holland (1986) and Sobel (1994) for an extensive discussion of concepts of causality in statistics,
econometrics, and other fields.

% Asanotational convention capital |ettersindicate quantities of the population or of members of the population
and lower case letters denote the respective quantities in the sample. The units of the sample (i=1,...,N) are
assumed to be the result of N independent draws from this popul ation.

2l E(/%=1) denotes the mean of the respective random variables in the population of PEP participants.

2 Note that in the application we will estimate a slightly different parameter because due to some non-
representiveness of the sample and due to our selection rules explained in the previous section, the
distribution of participants in the population and in the sample could be somewhat different.
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population by using the observable nontreatment outcomes of the untreated population

(y",s =0) indifferent ways.?®

5.2 Identifying Restrictions
5.2.1 Conditional Independence Assumption

The so-called conditional independence assumption (CIA; Rubin, 1977) can be used to

identify E(Y"|S=1):
Y'HS| X =x, OxOx. 2

CIA means that participation is independent (I1) of the non-treatment outcome conditional
on the values of covariates or attributes x in the space . Thus E(Y"|S=1X =x)=
E(Y"|S=0,X =X), and 6, isidentified. Compared to model-based econometric approaches,

CIA alows one to estimate treatment effects directly without imposing functional form or

parametric assumptions that are often imposed when estimating a structural model.

Subsequently, we will denote by 65" the limit of an estimator that is consistent under the

CIA assumption ( plim8S™* = 654
N -

65" =E(Y"|S=1)-E, FE(Y"IS=0.X =x)|S=1=g" - E, H" (x)| S=1F; )

gP=E(Y?|S=]); g"(X)=E(Y"|X=x,S=0).

To justify CIA, the important task is to identify and observe all variables that could be
mutually correlated with assignment and potential nontreatment outcomes. This implies that

there is no important variable left out that influences nontreatment outcomes as well as

% This may include the outcomes of participants prior to PEP.
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assignment given a value of the relevant attributes. For this study the reasoning in the
previous section suggests that X should include information on schooling, job training and
experience, the complete labour market history of the person and individual socio-economic

characteristics.

It is thus obvious that in our case the validity of CIA requires a very informative data set.
However, for PEPs in East Germany, such data is not (yet?) available. The data used in this
study for Sachsen-Anhalt has several shortcomings. Employment histories are only available
on a yearly basis. Any information on employment before or at unification is missing.
Therefore we might miss employment dynamics in the month just before PEP participation.
Since unemployment is one important selection criterion, this will invalidate CIA with our
data. In addition to this, the considerable amount of panel attrition, the redrawing of the
sample in 1993, and the refreshing of the sample thereafter results in a very unbalanced panel

design. Thisleads to relatively short observation periods for many people.

A technical problem related to the choice of variables to be included in X is the potential high
dimension of X that complicates the estimation of the conditional expectation. Let P(x) =
P(S=1|X=x) denote the propensity score that is defined as the nontrivial probability (0 < P(X)
< 1) of being assigned to a PEP conditional on X. Furthermore, let b(x) be a function of
attributes such that P[S=1|b(x)] = P(x), i.e. the balancing score b(x) is at least as 'fine’ as the

propensity score. If CIA is valid, Rosenbaum and Rubin (1983) show that

Y"IIS|b(X) =b(x),0xO x holds, hence:

E(Y"|S=D) =E{E[Y"|S=0,b(X)=b(x)]|S=1. 4)

The major advantage of this property is the reduction of the dimension of the estimation

problem. The disadvantage is that the probability of assignment - and consequently any
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balancing scores that reduce the dimension of the estimation problem - is unknown and has to

be estimated.

5.2.2 The Conditional Bias Stability Assumption

For the further discussion it is useful to introduce the time dimension explicitly as Y =
Y Yo, Yo, YY), YP = YR LYY, YR YR, YR and YT =YL Y0,
Y",Y,,...,Y '} . The period between —1 and 1 includes the time in PEP and may be longer than
the other periods, in particular it varies individually. All other periods are equally spaced.
T,..,-1 and 1,...,T refer to points in time where interviews take place, the assigned value

depending on the distance to the begin and end of the individual PEP spell, respectively. This

leads to the following re-definition of effect of the treatment on the treated in period

80 =E(Y* =Y |S=D) =E(Y"|S=D)-E(Y"|S=) =g’ -E(Y"|S=1), t =..-112,....(1)

In that framework treatment is defined as participation in a PEP some time in our observation
period § has no index referring to time). Therefore, we allow for a treatment effect before

any participation in a treatment.

In a recent paper Heckman et al. (1997) propose a generalisation of CIA. This assumption
could be applied when there is at least one observation of the outcome before a PEP and one
observation after a PEP. The idea is that although CIA may not hold, it may be reasonable to
assume that the bias due to an incorrectness of the CIA is the same for at least one date before
a PEP ¢, 7< 0) and one date after a PEPt(> 0). If the true effect of a PEP is indeed zero

for that date before the PEP, than an estimated treatment effect using CIA forrpgitied

an estimate of the bias. This bias estimate could be used to correct the estimate of the

treatment effect for the date after the PEP.
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To see these issues more clearly, let us introduce some additional notation. Equation (5)

defines the average bias that occursif CIA is not true:®*

B = BB (0)1S=1; B(x)=E(Y X =x,S=D)-g](x); t=-T...T. (3

However, the validity of CIA impliesthat g;'(x) = E(Y," | X = x,,S=1). Therefore, the bias
should be zero point-wise in the x -space (B™*(x) =0,0x O x). If CIA does not hold,

Heckman et al. (1997) suggest an alternative assumption that will be called the bias stability

assumption (BSA) in the remainder of this paper:

BS(x)—B™(x)=0 for atleast onepair (7,t), 7< 0;t> 0, OxO . (6)

The quantity identified by BSA is defined as:

Oro =60 ~65 - @)

Please note that the notation t-7 must not be interpreted in the way that only the distance

between t and 7 matters. Rather, the exact valuest and 7 take do matter. Using the definitions

of 85" and 65", we obtain the average bias:

BIBSA — RCIA _ BTCIA _ 01—’0 ] (8)

-T

Equation (8) shows that the condition stated in Equation (6) is neither necessary nor sufficient

for azero average bias.”® The necessary and sufficient condition is:

% For simplicity, in this section it is assumed that an indefinitely large random sample is available for estimation
without sampling error. Furthermore, this and the following arguments use b(X) = X as balancing score.
However, with an appropriate change of notation, the results also hold for balancing scores of lower
dimension as used in the application.
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=0 = E(YIS=D-E {9/ ()]IS=3 =97 -E,[97(x)S=1
BICIA BCIA+6
T 7,0

foratleastonepar r,t, t 7, OxOx. 9

From an economic point of view this condition is most easily interpreted when 7 < 0 and
6, , =0 holds, i.e. thereis no effect of a PEP |7] periods before a PEP starts. This case implies
together with Equation (9) that the bias due to incorrectly assuming CIA -

E{[Y" -9/ (x)]|S=1 - isthe same for both periodst and .

The use of BSA as an identifying restriction has several advantages. First, it nests the
intuitively appealing CIA assumption when 6, , =0 holds. In this case, if BSA and CIA are
correct, then the test whether the estimated 6" is zero is a joint test for CIA and BSA. If
6,,=0, that is part of the BSA assumption, does not hold, then it is conceivable that CIA is

still valid for t>0, but BSA is violated.?® It is of practical relevance that for BSA less
information is necessary to identify 6, , than for CIA. It is particularly useful that this
generalisation is achieved without the need to use instruments, because instruments that for

example satisfy the strong assumptions of Angrist, Imbens, and Rubin (1996) are hard to find

in general and not available for this particular application. When X contains past values of

variables that vary over time it is another practical advantage that 65" and ' need not

necessarily be estimated using the same sample. Although a panel data set is still useful to

keep the two biasterms B™ and B small, the length any individual is required to be

observed in the panel data set is not prolonged by the need to compute not only 9&;’* , but also

% |t is not necessary to assume constant bias point-wise. One the other hand, (6) would only be sufficient if
supplemented by the condition 6,,=0.

% However, in this case CIA must not involve pre-PEP realisations of outcome variables in the conditioning set.
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6" #" This is extensively used in the following empirical part. Compared to conventional

difference-in-difference estimators,®® BSA has the advantage of being nonparametric so that
successful identification does not depend on specific functional forms for the respective
expectations. The latter is particularly important for models with qualitative or binary
variables as outcomes, because for such models conventiona difference-in-difference

estimators are very much dependent on the particular functional forms assumed.

However, there are also some problems with the application of this approach. It is not only

that the computations for an adequate estimator become more burdensome, but the more

serious problem is that there are many ‘parameters’ to choose. In particular there is the issue
of choosing an appropriate ¢ X) combination that makes BSA valid. Unfortunately, there is

not much guidance by economic theory or institutional arrangements. But - of course - the
same problem exists for the conventional difference-in-difference estimators that are so

widely used.

5.3 Estimation Procedure

When estimating PEP effects using the nonparametric BSA assumption, it appears to be
sensible to use a nonparametric estimation method. Matching methods have recently proved
to be useful and flexible estimators for evaluations based on the CIA assumption (see
Heckman et al., 1997; Lechner, 1999). Since a 'natural’ estimator under the BSA assumption

6%, is the difference of two estimates using CIES(-8°%), we discuss matching

estimators in the following. For simplicity we stick to the simple one-to-one matching, i.e. to

each PEP observation we match only one non-participant. Such an estimator is inefficient, but

" |f we were to use the same PEP participants, we would require that observations remain in the sample for
another (t — 7) periods (notice that the distance defined by (t — 7) is not necessarily equal to the corresponding
mathematical calculation). As shown in the results section, due to the high attrition rate this would be
disastrous for this application.

%8 See for example the survey by Meyer (1995).
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simplifies computations considerably. In the following we will denote the non-participants

matched to the participants as comparisons.
Let us compare §7%, 85+, and 8% for two cases. First, assume that X is time-constant, o

that both estimators 45 and % use the same values of the matching variables X. In that

case it appears sensible to use a matching protocol ensuring that the same comparison

observations are used as matches for both estimations. For ease of exposition assume that
observations are ordered such that the N observations participating in PEPs are followed by
the (N —NP) non-participants. Furthermore denote a comparison observation j matched to
PEP participant i asj(i). Then, 6%, (=85 —8°%) has the following simple form:**

éBSA B 1 NP NP

n 1 n 1 = n n .
t-7,N _W / (yil?t - yJ'(i),t) _W } (yil,)r - yj(i),r) :W Z[(Mpt - yi‘,)r) _(yj(i),t - yj(i),r)] )

0<i<NP; N’<j<N. (10

However, as discussed above, if it is the aim to reduce the biasin both 4% and 8% used to

compute BAIB_?‘N (as seems sensible, but not necessary), the conditioning set should include
lagged values of the outcome variables as well. If Y, [0 X, then the case X, = X, isno longer
sensible because it implies by definition that 6°,' =0 and hence %%, = 95" %

Therefore, it is obvious that there are cases in which the set of conditioning variables depend
on the calendar time a PEP takes place. For example, in the empirical part we consider the

indication of unemployment after a PEP as an outcome variable, and the indication prior to a

PEP as a matching variable (see Section 3 for the importance of unemployment as an

% We could call this a nonparametric difference-in-difference estimator. More estimators including the case
with random attrition and a discussion of variances are contained in Appendix B.2.
%0 éf'(f will only be exactly zero, if the sample to draw the comparisons from is sufficiently rich to allow for

‘perfect’ matches.
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eigibility criteria for PEPs). The definition of 'prior to PEP’ has to be appropriately changed

for the estimation of é,c',j* by taking the duration of the PEP into account.

Figure 2 clarifies thisissue for the case of = -1 with an example for one PEP participant. In
the evaluation sample we get étcﬁ,’* . In the bias correction sample we assume an artificial PEP
period to get 62, , the effect of the artificial PEP. Because of the BSA (6, , =0) and that in

fact no PEP participation has taken place jet, this is an estimate for the bias. We use it to

correct 6.y

Figure 2: Definition of Periods for the Evaluation Sample and the Bias Correction Sample for

One PEP Participant when Time Varying Variables Are Used, 7 = -1

,,magggg evauaion
P PEP . pericd
| | | : lr evaluation
| | | | ?  sanple
G Lo
Lmatching" artifida estimate
period PEP of bias
| | | | | p biascorrection
| ] IA VA | | | e
QTCI:—:LN
caendar
| | | | Ly .
| | | | > time
193 194 195 | 96 |97
2 1 1 2 r'elatlve
time

Note:  The calendar time shows interviews from | 93 to | 97. The relative time is defined according to the PEP participation
of the person in the example (note that in this example the PEP spell includes one interview which is not
necessarily the case). The period artificial PEP has the same duration as the PEP and ends just before the last
interview before the PEP (7 =-1). The evaluation sample is the sample used to compute 6.°\* and the bias

correction sample is the sample used to compute 6 5% (= BEY = B if BSAs valid).
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The assumption of random sampling and large N and N* alows for the usual asymptotic

approximation of the variance of matching estimators:**
2 1 n n
Var (@?EAN) :W[\/ar(yir,)t - yiF,)r) +Var(yj(i),t —Yi '(i),r)] . (11)

Using standard laws of large numbers and central limit theorems, this estimator is consistent

and asymptotically normal. The asymptotic variance can be estimated as follows:

Var(BtBrN):—p[(S—rN) +H(S2 0 12)
QA 1 — — 2 1 NP
(S = [(ylt ) — (W = ¥1%: AR " NP2 (Y =¥
2 _ 1 - n .\ (" _gh\12 - v _ g — 1 - n _\N
(S—r N) —W;[( Yin yj'(i),r) Y -yY)I°: Yo = Yr _W;(y]’(i),t yj'(i),r)'

6 Empirical Specification and Results

6.1 General Remarks

In this section the general considerations applied to choose an outcome variable and to set the
choice parameters (t, 7, X) are explained. The details of the estimation are then discussed in
the following sections. With respect to the outcome variable the labour market states
unemployment and employment at specific periods after a PEP (t) are considered, because
they constitute the official targets of the programme. It would also be very interesting to see

how large the earnings gains - if any - are from PEP participation, but we did not succeed in

%1 Note that the following formulas have been obtained using the approximation that the fact that the pairs have
been selected by an estimated score can be ignored.
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constructing an earnings variable based on a definition that is consistent for all yearly

interviews.

First, we assume that the true effect of a PEP before the PEP started is indeed zero, 6, ,=0

for 7 <0. The specific institutional regulations discussed in Section 3 make it difficult for an
individual to anticipate a PEP participation and change the behaviour because of a potential
PEP participation. Especialy, in combination with the high unemployment rate in East
Germany it is unlikely that someone is willing to give up ajob to increase the chance to get

into a PEP.

Choosing appropriate values for t and 7 is largely driven by sample size considerations. As
can be seen in Table 10 and in Appendix D, choosing t larger than 2 will typically lead to a
very small sample, in particular when time varying variables are included in X. Thisis due to

the total length (max. 6 years) and the high attrition rates of the panel.

The choice of 7isaso influenced by considerations of Ashenfelters dip. It is observed that on
average before participating in any kind of active labour market programme individuals
experience a drop in income. This holds for employment was well. It is not at all clear if this
drop is transitory or permanent, but the choice of 7 depends on this knowledge. In a recent
work Heckman and Smith (1999) find for the US that the drop in income is not permanent.
Furthermore, they find that apart from eligibility participation in programmes depends heavily
on changes in labour market status prior to the programme. Using different non-experimental
estimators — including a difference-in-difference approach similar to the one used here — they
show that the resulting bias can be reduced substantially by conditioning on variables

influencing the individual programme patrticipation.

In East Germany and with respect to employment status a permanent dip is more probable due
to the economic conditions, especially rising long term unemployment. Individual decisions

play no role in participation process, and therefore an individual shock in labour market status
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might be less relevant. Nevertheless, in the matching process we take apart from other
variables explicitly care of the labour market status prior to PEP (employment and
unemployment). Furthermore, in this problematic labour market any ‘temporary’ shock
leading to unemployment will be made permanent very soon, due to the lack of job offers.
When there is no transitory dip, it is intuitively most plausible to choose the relevant pointsin
time (t and 7) as close together as possible because the social and economic environment is
most similar. A possible permanent dip would call for a 7 near to the start of PEP as well.
Therefore, and because of sample size considerations, in most cases presented here 7is set to

thelast interview beforea PEP (7 = -1).

When choosing the variables to be included in X, our main strategy is to minimise the biasin

65 and 654 . Although intuitively appealing, this need not necessarily be the best strategy

because all that is needed is that °% and 65 are equally biased. Therefore, and also

because there is a trade-off between sample size and the number of components in X (in
particular for time varying variables), we present results for more or less rich specifications of
X. Apart from the propensity score and an indicator for an interview in particular waves the
richest version includes information on the labour market status (unemployed and employed),
variables containing job position, firm size, and dummies for some industrial sectors
(agricultural, chemical, public) for the current or last employer, the highest vocational degree,
and the unemployment rate in the region. Unemployment, and especially long term
unemployment, is an important reason for PEP participation, and we use the labour market
status as one indicator for this. The employer variables are included because of their
relationship with the probability to participate in a PEP, especialy in a large employer-
founded PEP (see Section 3). The agricultural, chemical, and public sectors were hit harder
than the average by the economic changes and laid off more employees. Furthermore there

was a large number of PEPs in these sectors which again justifies their inclusion in the
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matching. The level of the regional unemployment rate is included because the amount of
money the labour offices can spend on PEP partly depends on it. Due to sample size

considerations variables measuring the employment history contain only up to two periods.

Since our richer specifications include also time varying variables as components of X, and
because PEPs start at different dates for different individuals, there is the issue of choosing an

appropriate balancing score that alows us to address these issues. Here we rely on a split

balancing score, (V B, M ) a combination of an index of the participation probability based

on time constant variables (V 3,, V denotes the time constant variables in X, S, is a fixed

parameter vector) and time varying variables (M, which denotes the time variant variablesin
X). As start date necessary to compute the relevant value for M for the non-participants the
PEP start date of the particular treated observation a match is search for is used. The

estimation of V f3, is discussed below. Some details on the matching process are presented in
Appendix B.1. Lechner (1999) discusses the use of different starting dates for the computation
of éﬂ,’* extensively including the approach used here. For more details, especialy on the

additionally necessary assumptions and issues of computation, the reader isreferred to the this

paper.

6.2 Propensity Score

We specify the propensity score as a probit model and test the specification extensively using
specification tests against heteroscedasticity, omitted variables, nonnormality (score tests) and
genera misspecification (information matrix test). The probit specification includes variables
capturing gender, age, schooling, university degree and degree from technical schools as well
as the regiona unemployment and PEP rates and disaggregated local information.®

Furthermore we include variables indicating panel participation and interactions of the panel

% See Table 14 in Appendix A for more information on the definition of the variables.
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participation with gender. The results of the estimation as well as of the tests are presented in

Tables6 and 7.

Table 6: Propensity Score: Estimated Coefficients and Results for Score Test Against

Heter oscedasticity

Estimation Heteroscedasticity test
Variable Coef.  Std.err P-value  Average X2 P-value
derivatives?
Const. -247 53 .000
Gender. Female 009 .09 .30 03 15 . 006
Age: Between 25 and 35 0.33 .07 .000 057 0.0 99
Between 35 and 45 0.37 .07 .000 .050 0.3 .56
_ Betweend5and55 027 08 001 042 15 2
Schooling:  University entrance degree -0.18 .07 .007 -.025 1.4 25
(12 years)
Medium (10 years) -0.19 .05 .000 -.027 0.1 .78
Technical school (Fachschule) -0.10 .04 019 -.014 0.6 45
University =012 .06 . 055 - 016 . 19 7
Answered questionnaires only in
Mar. '92, Sep. '92 -0.36 .08 .000 -.050 0.6 46
Sep. '93 -0.36 .09 .000 -.045 0.0 99
Sep. '93, Sep. '%4 -0.46 10 .000 -.052 2.2 14
Sep.' 93, Sep. '94, Sep. '95 -0.23 A5 Vi -.029 0.4 53
Sep. '95, Sep. '96 -0.11 A8 53 -.015 0.0 98
Sep. '95, Sep. '96, Sep. '97 0.08 A5 58 012 0.0 .86
Sep.' 96 -0.04 10 .69 -.006 1.9 16
 Sep.96,Sep.97 . 015 0 A5 -020 00 8
Female and answered questionnaires in
Mar. '92, Sep. '92 -0.17 1 097 -.023 7.9 .005
Sep. '93 -0.30 12 014 -.037 3.8 .052
Sep. '93, Sep. '94 -0.14 14 34 -.018 0.5 46
Sep.' 93, Sep. '%4, Sep. '95 -0.11 20 .60 -.014 0.6 43
Sep. '95, Sep. '96 -0.12 26 .64 -.016 0.5 46
Sep. '95, Sep. '96, Sep. '97 0.02 20 ) .003 0.1 73
Sep.' 96 0.16 A3 23 025 1.2 27
o Sep.'96,Sep.97 | 02 14 033 049 00 8
Cities and areas
Cityof  Dessau -0.32 10 .002 -.038 0.39 53
Cityof  Halle -0.38 .08 .000 -.044 0.0 .96
City of ~ Magdeburg -0.18 .06 .002 -.023 1.2 27
Areaof  Ascherleben-Stafifurt 0.10 .08 23 015 0.2 170
Area of  Anhalt-Zerbst 0.07 10 A7 011 3.8 052
Areaof Bitterfeld 0.35 .09 .000 .061 0.0 91
Areaof  Quedlinburg 0.33 .09 .000 .058 0.7 42
Areaof  Wemigerode -0.29 10 .004 -.035 1.2 28
Area of  Bordekreis
And region of Halberstadt -0.27 20 A7 -.033 0.0 87
And region of Magdeburg 0.23 Nk 035 .038 04 .54

To be continued.
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Table 6 continued

Estimation Heteroscedasticity test
Variable Coef.  Std.err P-value  Average X2 P-value
derivatives?
Unemployment rate in region (mean) 6.25 3.15 047 .005 0.6 45
PEP rate in region (mean) -3.04 6.92 .66 -.001 29 .087

Note:  Coefficients that are significant at the 5% level are in bold letters. Standard errors and tests are computed using the

expected hessian as part of the White (1982) approach; lagrange multiplier (LM) test is on heteroscedasticity due

to single variables (Davidson and MacKinnon, 1984).

Dependent variable: dummy variable for participation in PEP. Reference group: male, age between 22 and 25,

schooling: none or lowest degree, living in any other area, answered questionnaire only in Sep. '93, '94, '95 and '96

oronly in Sep. '93, '94, '95, '96 and '97 or only in Sep. '94, '95, '96 and '97 or only in Sep. '94, '95 and '96.

Total number of observations: 13,688 observations (1,123 PEP participants).

a) Change of participation probability for the change from 0 to 1 in the case of dummies, changes of +/- 0.14%
and +/- 0.02% for the continuos variables unemployment rate in region and PEP rate in region, respectively
(equal to one standard deviation).

Table 7: Other Specification Tests for the Participation Probit (Partial)

X2 (df) Df P-value
Score test against nonnormality 1.2 2 95
Information matrix test:
All indicators 510 447 .020
Only main diagonal indicators 43 36 20

Note:  Sore test suggested by Bera, Jarque, and Lee (1984) tests normality against the pearson family of distributions.
The IM tests are computed using the second version suggested by Orme (1990) that has good small sample
properties. IM checks the validity of the information matrix equality that holds in a correctly specified model
estimated by maximum likelihood. Only main-diagonal indicators refers to a statistic using as test indicators only
the main diagonal of the difference between OPG (outer product of gradient) and expected hessian.

See also note on Table 6.

The estimation results show a lower conditional participation probability for the very young
age group (22 to 25 in 1993, chosen as the reference group) compared to all other age groups
and a low school degree (chosen as the reference group) is related to a higher probability to
participate in PEP. Furthermore, a degree from atechnical school or an university is related to
a lower probability, athough the coefficient of university is only significant at the 6%-level.
Regional heterogeneity is important and significant as well. The positive sign of the
unemployment rate corresponds to our expectations, while the PEP rate is insignificant.
Furthermore, some dummies for cities and areas show more diversity in the PEP participation
than is explained by the regiona unemployment rate (note that cities and areas are

subdivisions of the regions). Cities with their different and much more diversified economic
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structure and in general lower unemployment rates relate to lower participation probabilities.

The positive signs pick out regions with either a high concentration of a specific industry or

with a single but very large PEP. The concentration of PEPs and — especially of large PEPs —
differed across industries and the local concentration of specific industrial sectors was high in
the GDR, which explains at least part of the findings. An example is the area of Bitterfeld
with a high concentration of the chemical industry as well as an above-average PEP
concentration. The results when estimating the propensity score separately for females and

males do not differ substantiaffy.

6.3 Evaluation Results

Let us start the discussion of the evaluation results for several specificatiodsbyf
considering the least demanding case first. This is the case when only the propensity score
and indicators for a valid interview in a particular wave are used for matching. The results in
Table 8 show how the number of valid observations depends on the length of time the

individual is required to remain in the sample before or after a PEP. The results prior to PEPs

clearly indicate that this specification leads to a biased estiéﬁét,e

Table8: °* Computed with Time-Constant Match Variables Only

Period 6,5 P-value Obs. Period 6,9 P-value Obs.
1 29 .000 743 -1 29 .000 228
2 17 .000 459 -2 25 .000 71
3 15 .000 192 -3 17 i 29
4 10 .095 67 -4 15 .36 13

Note: X used for matching: partial propensity score and dummies indicating valid interviews in a particular wave. Results
are in %-points of unemployment. A positive sign indicates that unemployment is XX%-points higher in the PEP
group than in the matched comparison group.

The following tables provide information on the average expected unemployment probability

in the sample of PEP participants (employment and out of labour force probabilities in Table

3 Separate estimates of the propensity score were used for the gender-specific results presented in the following
section. The results are available on request from the authors and are aso included in Eichler and Lechner
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12), separated for the case of participation in a PEP (EY,"|S=1) and the case of not
participating in a PEP (EY"|S=1).** The resulting estimate of the causal effect §°% given
the BSA is presented as well.

When correcting the bias, there are two ways to proceed. First one could only use those
observations observed at least one period before and after a PEP. This reduces the sample size
after a PEP considerable as can be seen from the results in Table 9. The aternative of using

all observations that are available at each time period is presented in Table 9 as well. In both

cases we consider also different choices for T: Either it is chosen symmetricaly tot (t = —t) or

it is fixed at —1 { = —1). For the reason explained above the latter is the preferred version.

Table 9: %% Computed with Time-Constant Match Variables Only

Period E (Yt PlS= 1) E (Yt” |S= 1) ét Bs P-value Obs.t  Obs. T

Balanced designa, T = -t

1 36 38 -2 .64 228 228

2 37 26 1" 44 27 27

3 - 0 0
Balanced designd, T = -1

1 36 38 -2 .64 228 228

2 25 32 -7 30 85 85

3 31 52 -20 11 25 25
Unbalanced design, T = -t

1 41 40 1 84 743 228

2 30 38 -8 25 459 7

3 23 26 -3 82 192 29
Unbalanced design, T = -1

1 41 40 1 84 743 228

2 30 41 -12 010 459 228

3 23 37 -14 .007 192 228

Note:  See note on Table 8.
a) The same observations are used to compute 91%"* and érch'f .

For the case of a symmetric choice of t and 7, no significant effects appear. However for t
larger than 1 and 1 fixed at —1 significant positive effects of PEPs appear at least for the

unbalanced design. With respect to problems that might be due to possibly nonignorable panel

(1998), which is downloadable in the Internet (http://www.siaw.unisg.ch/lechner/publica/98e01.html).
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attrition, we note that the results based on the balanced and unbalanced designs are not

contradictory.

In order to reduce the bias of both §S* and §,5* , labour market states prior to a PEP are

included in X as well. From the discussion in Section 3 it is clear that at least previous
unemployment is an important component of the participation decision. In addition to
unemployment we include now all variables discussed in Section 6.1. Based on the
considerations in Section 6.1 and the potential |oss of observations we consider only the case

of 7 =-1 and aunbalanced design.

From the second part of Table 10 we see that the bias when assuming CIA appears indeed to

be slightly reduced. Furthermore, the match with respect to unemployment in the estimation

sample as well as in the bias correction sample is good, as the valuesfor 1 =-1 and 7 = -2,
respectively, indicate (matching in the bias correction sample is done at the last interview

prior to the artificial PEP, which in a lot of cases is —2). A more complete analysis of the
quality of the matches can be found in Appendix C. The valuerfer-1 in the bias
correction sample indicates that there is still a substantial bias in the CIA results (given the

bias stability assumption is correct). Figure 3 visualises the results given in Table 10.

Table 10: 6" Computed with Time-Varying Matching Variables

Evaluation sample Bias correction sample Evaluation sample
Perod  goa  P-value Obs. gcoa  P-value  Obs. | Perod gca P-value  Obs.
7,N 7,N t,N
-1 0 1.00 231 28 .000 144 1 1 .008 231
-2 7 37 71 1 78 143 2 0 1.00 88
-3 7 56 29 14 10 52 3 11 34 27

Note: X used for matching: partial propensity, dummies indicating valid interviews in particular wave, pre-PEP full time
employment, pre-PEP unemployment, pre-PEP job position, pre-PEP industrial sector (agricultural, chemical,
public), pre-PEP vocational degree, pre-PEP firm size, pre-PEP unemployment rate in region (only last interview
before PEP used).

The evaluation sample is used to compute the effect of PEP if CIA was valid, the bias correction sample is the used
to estimate the bias.
See also note on Table 8.

% Thefirst of these values is the actual average in the sample while the second is estimated.
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Figure 3: 6 Computed with Time-Varying Matching Variables

Evaluation Sample
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Note:  X-axis: Relative time; Y-axis: Unemployment rate in %.
Treated is the estimated unemployment rate for participants, comparisons the estimated unemployment rate for
participants had they not participated (the unemployment rate of the matched comparison sample), and diff the

difference between these two, éNC'A .
See also note on Table 10.
Table 11 shows the basic result of our paper. The value of —1Z% ¥andicates that there

appears to be a substantial individual gain (ie. a reduction in unemployment probabilities)
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from participating in PEP. The average probability of unemployment for an individual in the
sample of PEP participants - equivalent to the unemployment rate in the sample - is reduced
from 52% to 35% at the time of the first interview after PEP ended. The results for higher
values of t indicate that this is not only a short term effect, although the numbers should be
considered with care. At least for t = 3 the number of observations is too smal to draw
conclusions. Note that the bias correction not only changes but reverses the conclusions that
would be drawn if CIA was believed to be valid, even when the richest specification of

matching possible with the available datais used.

Table 11: éff‘,\“ Computed with Time-Varying Matching Variables

Unbalanced design, T = -1

Perod g (Y[p |S= 1) E (Yt" |S= 1) 6% P-value  Obs.t Obs.T
1 35 52 -17 .015 231 144
2 25 53 -28 .001 88 144
3 30 46 -17 21 27 144

Unbalanced design, T = -1; women only
1 42 58 -16 .086 108 90
2 38 61 -24 .066 40 90
3 36 79 -43 032 14 90
Unbalanced design, T = -1; men only
1 29 46 -17 .064 123 54
2 14 44 -29 .003 48 54
3 23 43 -20 21 13 54

Note:  See note on Table 10.

The lower part of Table 11 shows gender-specific results. Some of the tests we performed on
the probit suggested such a split to be necessary (see Appendix C). Furthermore, as described
in Section 2.3, the composition of PEP participants with respect to gender changed
dramatically over time. Although the estimates are | ess precise because of the reduced sample
sizes, the differences for the two samples are not very large and they confirm the previously
obtained results. Note that the effects of PEP are similar even when the levels of

unemployment differ substantially for the two samples.
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Table 12 provides information on the effects of PEP participation on regular employment and
out of labour force respectively. The reduced unemployment probability at the first interview
after PEP is due to a higher employment probability. For men this result holds more or less
for longer periods after PEP as well, but for women from t=2 on a large share of the reduced
unemployment probability is due to a higher out of labour force probability. Thisis consistent
with the hypothesis that women drop out of the labour force when their unemployment benefit

period ends.*

Table 12: éff‘,\“ for Employment and Out of Labour Force Computed with Time-Varying

Matching Variables

Period é(Ytp|S:1) é(ytn|8:1) ét_BTSﬁl P-value E(Ytp|5=l) é(ytn|8=1) étis;k\l P-value

Employment Non employment
Women and men Women and men

1 55 40 14 043 10 8 2 .58
2 56 42 14 A3 19 5 14 .021
3 52 57 -5 74 19 -3

Women only Women only
1 42 25 17 074 17 18 -1 .89
2 33 24 9 A48 30 15 15 16
3 43 14 29 A7 21 7 14 34

Men only Men only

1 66 51 14 12 5 3 2 .66
2 75 54 21 .059 10 3 8 .25
3 62 53 8 62 15 4 1 41

Note:  Results are in %-points of employment and out of labour force. See note on Table 10; number of observations can
be found in Table 11.
a) Negative value due to very small sample size.

We also studied the (intermediate) case of using only unemployment and employment as time
varying match variables. Other specifications used information on employment histories for
two periods. Many specifications with different combinations of these and the above
discussed variations (balanced and unbalanced design, choice of t and 7, X variables used in
matching, different outcome variables, separate estimations for men and women) have been

checked. Some of the results are contained in Appendix D, more can be found in Eichler and

% PEP participation creates a new claim for unemployment benefits.
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Lechner (1998).%° NonE of the results from these specifications differ substantially from the

results presented in this section.

With the limited information available in the data we could not find an indication of
contamination bias with regard to different kinds of training. Nevertheless, contamination
might be a potential problem. Using a preliminary release of the data for 1997 and 1998 with
consistent PEP and training information since 1990 and applying our exclusion rules, we
found 689 persons who participated in PEP, roughly 10% of the sample. Of these, 321 had
some kind of training as well, 115 after the end of their PEP spell. On average persons with
training before the PEP participation are older, and more females are in this group. Thisis not
observed for the people with training after PEP, but this people have on average less formal
education (school and occupational training). It should be noticed that the numbers above
overstate the problem in this study because it uses a balanced structure from 1990 to
1997/1998, which is not the case in the data used. Apart from the descriptive information
above we used subpopulations of the actually used data with consistent training definitions to
check for any indication of contamination bias. But definitions of and information on training

in the data changes very much between waves and the subpopul ations got rather small.

7 Conclusion

Using nonparametric difference-in-difference methods this paper analyses the effects of
public employment programmes (PEPs) in East Germany. Because there does not appear to
be any suitable data accessible to the scientific community for all of East Germany, we
restrict our analysis to the East German state of Sachsen-Anhalt. The available data make the

use of difference-in-difference methods almost imperative to identify the effects of PEPs.

% The paper is downloadable from the Internet at: http:// www.siaw.unisg.ch/lechner/publica/98e01.html.
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Our main findings suggest that individuals participating in a PEP benefit indeed considerably
from participation, since their unemployment risk is reduced by a substantia amount.
Furthermore, there is some indication that this is not only a short term effect, although
inference gets difficult because of decreasing numbers of observations for longer periods after
PEP. For men the majority of the reduced unemployment risk is due to an increased
employment probability. For women that is only true for the first period after PEP, while for
later periods the effect of non-participation in the labour market dominates. These general

findings are not contradicted when using several different specifications.

However, one should be careful in interpreting these results. Individual gains for the
participants do not necessarily trandate into benefits for the economy as a whole, because the
costs of PEPs and market interactions are ignored. The latter occur through possible negative
impacts for competing private firms as well as through a possibly changing labour market
supply structure during and after PEPs. No estimates of this effects of PEPs exist for East
Germany, but Steiner, Wolf, Egeln, Almus, Schrumpf, and Feldotto (1998) find some hints
that earlier found positive effects of public training programs in East Germany do not
correspond to similar effects on the macroeconomic level.*” Following from the above
discussion, a cost-benefit analysis based on the results of this study and the expenditures on
PEPs would not be valid. Furthermore, such an analysis has to take account of other goals and

effects of PEP, which we have no information on.*®

Apart from combining the results of this study with information on costs, other benefits of
PEPs, and market interactions to achieve a cost-benefit-analysis, future research should

concentrate the robustness of the results. Furthermore, for future labour market policy with

3" It has to be noticed that this comparison of micro and macro estimates can provide no more than a hint on
possible crowding out or substitution effects. Furthermore, the discussion about individual effects of training
in East Germany has not jet settled (e.g. see Lechner 1999, Kraus, Puhani, and Steiner 1997). Puhani (1999)
finds for Poland some hints on substitution effect of publicly funded training programs, but the results differ
for different specification and data used.
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regard to PEPs it will be important to check for heterogenity of the effects with respect to
individual characteristics of the participants as well as the PEP itself. For this tasks the

availability of better data would be helpful.

% A prerequisite for a PEP is that it produces an output that is useful for the public, such as local infrastructure
or social services. Apart from better employment chances participation in a PEP could rise the achievable
wages for a participant.
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Appendix A: Data

Table 13: Number of Individuals when Selection Rules Were Applied, Unbalanced Panel

Observations without Observations with

Remaining sample (in % of raw data)

PEP information

Older than 52 when starting PEP
Observations with unknown start and end date of

any PEP participation PEP participation
Raw data 28,490 2,873
Age restriction
No or inconsistent age information - 425 -30
No observation with age below 55 -6,074 -436
__________ Youngerthan22in1993 =318 =66

2,341 (81 %)

-92
- 451

PEPa or with inconsistent PEP information

Remaining sample (in % of raw data) 18,478 (65 %) 1,932 (53 %)
Insufficient number of observations or no useful information

contained
Students®) -425 -11
Answered questionnaire only in Mar. 92 or only in -3,545 - 327
Sep. 973
Answered questionnaire only in Sep. 94, only in Sep. -1,551 -25
94 and 95, or only in Sep. 952
__________Inconsistent regional information - =3
Remaining sample (in % of raw data) 12,946 (45 %) 1,166 (41 %)
Observations with missings in variables used for the estimation - 381 -43

of the propensity score

Sample for estimating the propensity score (in % of raw data) 12,565 (44 %) 1,123 (39 %)

Notes:  a) These observations do not provide any useable information in the context of this paper.
b) There is not a sufficient number of PEP participants in these groups.

Figure 4 presents an overview on the distribution of start respectively end dates of PEPs in
our sample (see aswell Table 4 and Figure 1 in Section 4.2). The sample used here and in the
following descriptive statistics is the sample used for the estimation of the partial propensity
score (12,565 NoPEP observations; 1,123 PEP observations), that is all selection rules were
applied. See Table 13 for details. The number of observations used for the computations

depends on the observability of the information in the sample.
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Figure 4. Sart and End Dates of Individual PEPs
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X-axis: Time, measured in months ; Y-axis: number of observations. Time is presented in 'months since January
1989"; for example: March '92: 39; September '92: 45; September '93: 57; September '94. 69; September '95: 81;
September '96: 93; September '97: 105. Start dates - and therefore end dates as well - earlier than 27 have been
deleted (see Section 4.2). Number of valid observations for start dates: 1123; number of valid observations for end
dates: 778.

Table 14 provides information on the definition of variables used, Table 15 presents some

comparable descriptive statistics for PEP participants and non-participants in the sample.



Table 14: Definitions of Variables

Category Variable Definition Time concept
Age . Age ... AQein1993 . Constant __
Gender  _ Female __________ Women(dummy) . Constant __
Schooling University entrance  Abitur, highest German schooling degree Constant
degree

Medium Mittlere Reife,10th class Constant

Low Hauptschulabschluss, 9th class Constant
oo Nodegree ! Nodegree . . Constant __
Vocational Vocational degree  Level of highest vocational degree Variable

degree 1. Partly vocational training (Teilfacharbeiter)

2: Vocational training (Facharbeiter)

3: Advanced vocational training (Meister, Techniker)
4: Technical school (Fachschule)

5: University degree

Technical school ~ Technical school (Fachschule) Constant
oo University degree _ Universitydegree Constant ___
Labour market Employed In regular or irregular employment (including PEPS) Variable
status Unemployed Registered as unemployed Variable
. Out of labour force _Not employed and not registered as unemployed ________Variable
Current employer  Position in firm Current or last known position in firm Variable

1 In education (Lehrling)

2: Blue color worker (Arbeiter)

3: White color worker (Angestellter)
4: |n public services (Beamter)

5: Self-employed (Selbsténdiger)

Size of firm Employees of current or last known firm Variable
1:1t0 19
2:20t0 49
3:501t0 99
4:100 to 999
5: 1000 or more
Industrial sector Industrial sector of current or last known employer; Variable
_______________________________________________ dummies: agricultural, chemical, and public sector
Labour market Unemployment Separated for eight regions, at month of interview, Variable
indicators rate in region unemployment defined as: officially unemployed or
participating in active labour market policy
Unemployment Separated for eight regions, mean (1991 to 1997), Constant
rate in region unemployment defined as: officially unemployed or
(mean) participating in active labour market policy
PEP rate in region  Persons employed in PEP per regular employed, Constant
_________________________ (mean) ________separated for eight regions, mean (199110 1997)
Living in Region Living in one of eight regions in Sachsen-Anhalt Constant

(dummies), separated according to the responsibility
of the labour offices (Arbeitsamtsbezirke)
City and area Living in one of 24 local divisions (dummies): Constant
3 cities (larger cities, kreisfreie Stédte) and 21 areas
_______________________________________________ (rural areas and smaller cities, Landkreise)

Observeability in -~ Answered only The date (in month and year) or all dates at which the Constant
panel in... person answered a questionnaire
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Table 15: Descriptive Satistics of Selected Variables for Persons With and Without PEP

No PEP
PEP
Mean in subsample or
share in subsample in %

Age(1993) 385years 388 years
GenderFemale 82 2 .
Schooling: Highest degree
University entrance degree (Abitur) 28 23
Medium (Klasse 10) 54 54
Low (Klasse 9 or no degree) 18 23
University degree 18 15
_Technical school (Fachschule) . 4 2
Current employer. Position in firm in (average value)
March 1991 / Sep. 1992 28127 28124
Sep. 1994 / Sep. 1996 / Sep. 1997 28128129 26/126/26
Current employer. Size of firm in (average value)
March 1991 / March 1992 / Sep. 1992 na./28/n.a. na./2.8/n.a.
Sep. 1994 / Sep. 1996 / Sep. 1997 25124124 25122121

Current employer: Industrial sector: Agricultural

March 1991/ Sep. 1992 / Sep. 1994 / Sep. 1996 / Sep. 1997 71514713/3 21/10/8/315
Current employer: Industrial sector: Chemical

March 1991/ Sep. 1992 / Sep. 1994 / Sep. 1996 / Sep. 1997 715/4/4/4 17/13/9/8/3
Current employer: Industrial sector: Public

March 1991/ Sep. 1992/ Sep. 1994 / Sep. 1996 / Sep. 1997  9/9/12/13/14 2/19/13/21/14

Observability in panel: Answered questionnaire only in

Mar. '92, Sep. '92 39 30
Sep. '93 19 13
Sep. '93, Sep. '94 11 7
Sep.' 93, Sep. '94, Sep. '95 3 3
Sep.' 93, Sep. '94, Sep. '95, Sep. '96 2 3
Sep.' 93, Sep. '94, Sep. '95, Sep. '96, Sep. '97 6 10
Sep. '95, Sep. '96 1 2
Sep. '95, Sep. '96, Sep. '97 2 4
Sep.' 96 7 13
Sep. '96, Sep. '97 7 12

To be continued.
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Table 15 continued

No PEP PEP
Mean in subsample or
share in subsample in %

Employment. Registered as unemployed in

March 1991/ Sep. 1992 / Sep. 1993 6/10/16 16/15/47

Sep. 1994 / Sep. 1996 / Sep. 1997 9/10/11 25/30/42
Employment. Employed in

March 1991/ Sep. 1992 / Sep. 1993 89/81/81 79178 /51
 Sep.1994/Sep.1996/Sep.1997 85/84/83  68/61/47
Unemployment rate in region (mean over time 91-97) 21 22
_PEPrateinregion (mean overtme91-97) 4 4
Living in

Region of Dessau 10 10

Region of Halberstadt 10 1

Region of Halle 19 13

Region of Magdeburg 24 25

Region of Merseburg 13 12

Region of Sangerhausen 9 12

Region of Stendal 10 10

Region of Wittenberg 6

City of Dessau 4

City of Halle 12

City of Magdeburg 1

Area of Altmarkkreis Salzwedel

Area of Aschersleben-Stralfurt

Area of Anhalt-Zerbst

Area of Bernburg

Area of Bitterfeld

Area of Bordekreis

Area of Burgenlandkreis

Area of Jerichower Land

Area of Halberstadt

Area of Kéthen

Area of Mansfelder Land

Area of Merseburg-Querfurt
Area of Ohre-Kreis

Area of Quedlinburg

Area of Saalekreis

Area of Sangerhausen
Area of Schénbeck

Area of Stendal

Area of Weillenfels

Area of Wernigerode

Area of Wittenberg

O WOWLWWNWWLWORNLDLWOITLWRERNOWEDS

NINWLWNOSOWWLWNOPRROOTOTLWONNOOITWNWLWWOPROOOIN N

Max. number of observations 12,565

RN
JEEN

Note:  Some statistics generated with less observations because of missing information.
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Appendix B: Econometrics

B.1

Matching Protocol

This section gives the details of the matching protocol used for the evaluations. Here V

contains the time-constant variables used in the estimation of the propensity score, M the time

varying variables to be included in the matching separately.

Step 1:

Step 2:

Step 3:

Step 4:

Step 5:

Step 6:

Split observations in two exclusive pools according to whether they participated
in a PEP (P-pool) or not (C-pooal).

Draw randomly an observation in P-pool (denoted by i) and remove from P-pool.
Take the observations in C-pool and compute the time varying variables M in

relation to the start date of observationi.

Denote these and perhaps other variables aready included in V as m, and m,
respectively. Define a distance between each comparison j and i as d(j,i) =
(v,3,m) - (vB,M), where v denotes the estimated partial propensity score.

Choose comparison j such that it has the smallest Mahalanobis distance

a(j,i)=d(j,)wd(j,i). W denotes the inverse of the estimated variance of
(v,@, M)’ in the C-pool (computed for a given start date).

Remove j from C-pool.

If there are any observations in the P-pool |eft, start again with step 2.

This matching algorithm is close to the one called partial propensity score suggested by

Lechner (1999). See this paper for more details and a comparison to other ways of handling

time varying variables within a matching framework when the programmes have individually

different start dates. When matching is done for the bias correction samples (7 -samples,

T =-1), step 3 has to be changed as follows:

Step 3-7: For al treated observations compute an artificial start date as month of the last
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interview before PEP minus the duration of PEP. Then, take the comparisons and
compute the time varying variables m in relation to the artificial start date of

observationii.

B.2 Variance of 8%\ for Unbalanced Panels

In this appendix, éf?‘N Is generalized to the case of random attrition. In that case there are not
only different comparisons in periodst and 7, but also different treated observations. Denote
the number of treated observations observed in period t (7) by NP <NP (NP<NP).
Furthermore, denote the set of observations observed in periodt (7) by D, (D, ).

NP

~ 1 . . 1N | L

a[?f,AN :W ) 100 Dt)(yii,)t - yj(i),t)_m ZJ—G 0D, )(w,)r ~Yiunr )i NP<j,j’sN. (13
t 1= T 1=

1() denotes an indicator function that is one if its argument is true and zero otherwise. Of

course, in practise no comparison observation is matched to a treated observation that is not

observed in the particular sample. To obtain the variance we may rewrite Equation (B.1) as

follows:

A NPQ] ip iprD D yn| yn| TEE

g%, = Y 16 0D,)24 -1 0D, )24 i (0D, )220 - 140D, Y20r ] (14)
= m N, N0 g N, N, A

Since the comparison and the treated observations are independent, we can estimate the

variance of the two expressionsin the square brackets separately.

Var(6%%,) =Var (R_,) +Var (C,,); (0% =P_, -C.,); (15)
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Ol . .
Var(p,_,) = N"Var (i 0D, 0i O Dr)%_hm

0 oNe NP

NP . . NP : :
VA HGOD, 00 D,)(yivt)%WVar HG0D, 0i0D,) (v, )E (16)

t T

The three variances needed to compute Var (P_,) can be estimated by the empirical variances

In the respective three subsamples defined by the observability of the treated. The estimation

of Var(C,_,) follows exactly the samerule.

Appendix C: Match Quality

A basic requirement for a successful implementation of a matching algorithm is a sufficiently
large overlap between the distributions of the conditioning variables in both sub-samples.
Figure 5 shows that this is the case for the balancing score. The fact that matching is
successful for key time variant variables as seen in Section 6 indicates that thisis also the case

for those variables.

Table 16 shows the difference of the treated and comparison observations for the variables
appearing in the propensity score. The final two rows of Table 16 contain two summary
statistics of the match for the variables mentioned in the table and some further variables.
MSB denotes the median of the absolute biases of the means (i.e. the differences in means)
normalised by the average standard deviation (e.g. Rosenbaum and Rubin, 1985). JW denotes
a quadratic distance measure for the mean biases weighted by the inverses of their covariance
matrix (see note on Table 16 for details). The table shows that the respective matched
comparison samples and PEP participants do not differ significantly with respect to the
variables included in the propensity score (here for the case of using time varying variables of
the last interview before a PEP only). However, it could aso be seen that the means of the

evaluation sample and the bias correction sample differ in particular with respect to gender.
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This is as expected because for the latter more of the individua labour market ’history’ is
needed than for the former, thus the PEPs tend to take place later in the bias correction sample
than in the evaluation sample. Since the policy of the labour office changed over time, this
results in an increase of women in PEPs as is reflected in the numbers of Table 16. This does
not necessarily imply that the analysis given in the main body of the text is flawed, because
al what is needed is a time-constant bias. However, this assumption appears to be more
reasonable if the distribution of characteristicsis also constant over time. The gender-specific
results, presented in Table 12 in the main body of the paper, indicate that this unequal

distribution of gender in the two samples does not have a significant impact on the results.

Figure 5: Support of the Propensity Score for Participants and Non-Participants

e ——— patidpants
-l — — — nonpatidpants

Note:  Number of observations: 13,688 observations (1,123 participants; 12,565 non-participants).
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Table 16: Descriptive Satistics of Selected Variables of PEP and Matched Comparison

Samples
Evaluation samples Bias correction samples
Matched PEP Matched PEP
comparisons  participants  comparisons  participants
(1) (2) (3) 4) ()
Variable Mean, Mean, Mean, Mean,
share in % share in % share in % share in %
Gender Female 99 4 62 63
Age:in 1993 39.4 38.6 39.1 38.8
Between 25 and 35 31 33 32 32
Between 35 and 45 42 42 34 40
_ Betweend5and55 23 A 29 3
Schooling: University entrance degree (Abitur) 27 26 28 31
Medium (70. Klasse) 55 95 53 54
Technical school (Fachschule) 22 23 24 26
Universitydegree (L 2L L 9
Unemployment rate in region (mean) 0.22 0.22 0.22 0.22
PEPrateinregion (mean) 004 004 004 004
Cities and Areas
City of Dessau 4 4 3 3
City of Halle 4 4 4 5
City of Magdeburg 9 8 11 10
Areaof  Ascherleben-Stalfurt 4 6 3 3
Areaof  Anhalt-Zerbst 5 4 2 2
Area of Bitterfeld 5 6 6 5
Areaof  Quedlinburg 6 7 3 6
Areaof  Wernigerode 4 2 3 1
Area of Bordekreis
And region of  Halberstadt 1 1 0 0
And region of  Magdeburg 1 3 1 2
Median absolute standardized bias (MSB) 2.83 143
Joint Wald test for paired mean differences P-value in %: P-value in %:
(W), )(2(37) 12.46 100 12.02 100

Note:  (2) and (4) matched on Y@ selected v-variables and m (yearly)-variables (partial). v-variables used for the
additional conditioning are dummy variables indicating whether the individual has a valid interview in the respective
year. m-variables are unemployment, employment, highest vocational degree, (last) position in firm, size of (last)
firm, unemployment rate in the region measured for the last interview before PEP for evaluation samples and bias

correction samples (7 = -1); MSB = negian[bk[\/(§(>qk) + sz(x(f))) / ZTJ;

-1 Nt
— Ntk 2 Uk _ Uk C Rk —Int1? k _ K : ;
JW=N b[s ()g x(i))] b; b _[N ] Zl ()g X(i))x(i) denotes the value of the comparison observation

matched to the treated observation i. s%(a) denotes the empirical variance of a. b:(bl,...,bk,...,b")’.

Asymptotically, )(Z(K) should be a good approximation for the distribution of JW when there are no systematic

differences of the K attributes given in the table for the matched pairs.
More information can be found in Lechner (1999).
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Appendix D: Evaluation Results for Different Specifications

To reduce the bias of CIA further, the results presented in the following Tables 17 and 18 are
based on a specification of X that includes the same variables as the version of X used for the
results presented in Tables 10 and 11, but adding the values for another interview prior to a
PEP for the time varying variables. The match quality with respect to unemployment is again
good. The results for the bias correction sample indicate again a positive bias for the CIA

results, although further reduced. However, probably due to the reduced sample size 62‘;"‘ is

not significantly different from zero. Therefore, it is not surprising that éf,sﬁ, is not

significantly different from zero as well.

Table 17: e~ Computed with Time-Varying Matching Variables Two Periods Prior to PEP

Evaluation sample Bias correction sample Evaluation sample
Period  goa  P-value  Obs. gca  P-value  Obs. | Period  gca P-value  Obs.
t,N 7,N t,N
-1 0 1.00 70 23 015 47 1 4 .60 70
-2 -1 .86 71 4 67 47 2 15 24 27
-3 1" 37 28 0 1.00 47 3 10 .67 10

Note: X used for matching: partial propensity, dummies indicating valid interviews in particular wave, pre-PEP full time
employment, pre-PEP unemployment, pre-PEP job position, pre-PEP industrial sector (agricultural, chemical,
public), pre-PEP vocational degree, pre-PEP firm size, pre-PEP unemployment rate in region (only last two
interviews before PEP are used). Results are in %-points of unemployment. See also note on Table 8.

Table 18: §°% Computed with Time-Varying Matching Variables Two Periods Prior to PEP

Unbalanced design, T = -1

Period E (\(p |S= 1) E (\G" |S= 1) 6% P-value Obs.t  Obs. T
1 39 58 -20 092 70 47
2 37 46 -9 59 27 47
3 50 63 -13 .60 10 47

Note:  See note on Table 17.
The following Tables 19 and 20 contain again results similar to Tables 10 and 11 in the main
body of the text. However, the variables related to the (last) employer and to vocational

degrees as well as the regional unemployment rate are not used in the matching.
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Tablel9: 6.0 Computed with a Reduced Set of Time-Varying Matching Variables

Evaluation sample Bias correction sample Evaluation sample
Perod  goa  P-value  Obs. gcoa  P-value  Obs. | Perod gca P-value  Obs.
t,N ,N t,N
-1 0 92 231 35 .000 144 1 14 .001 231
-2 8 .36 67 1 .89 143 2 8 .20 88
-3 14 22 29 8 37 52 3 7 54 27

Note: X used for matching: partial propensity, dummies indicating valid interviews in particular wave, pre-PEP full time
employment, pre-PEP unemployment (only last interview before PEP used).

Table 20: §,°% Computed with a Reduced Set of Time-Varying Matching Variables

Unbalanced design, T = -1
Period g (Ytp |S= 1) E (Yt" |S= 1) 98 P-value ~ Obs.t  Obs.T

t-7,N

1 35 56 -21 .001 231 144
2 25 52 =27 .001 88 144
3 29 57 =27 .040 27 144

Note:  See note on Table 19.

Other specifications were used as well, e.g. the combination of the above specifications,
splitting for gender, and/or using employment and out of labour force as variables of interest.

The results did not differ substantially from the results presented in the paper.
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